
 
 
 
 

Heriot-Watt University 
Research Gateway 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

 
 
 
 
 
 

 

Working Memory Performance under a Negative Affect Is More
Susceptible to Higher Cognitive Workloads with Different Neural
Haemodynamic Correlates

Citation for published version:
Feng, YX, Kiguchi, M, Ung, WC, Dass, SC, Mohd Hani , AF, Tang, TB & Ho, ETW 2021, 'Working Memory
Performance under a Negative Affect Is More Susceptible to Higher Cognitive Workloads with Different
Neural Haemodynamic Correlates', Brain Sciences, vol. 11, no. 7, 935.
https://doi.org/10.3390/brainsci11070935

Digital Object Identifier (DOI):
10.3390/brainsci11070935

Link:
Link to publication record in Heriot-Watt Research Portal

Document Version:
Publisher's PDF, also known as Version of record

Published In:
Brain Sciences

Publisher Rights Statement:
© 2021 by the authors. Licensee MDPI, Basel, Switzerland.

General rights
Copyright for the publications made accessible via Heriot-Watt Research Portal is retained by the author(s) and /
or other copyright owners and it is a condition of accessing these publications that users recognise and abide by
the legal requirements associated with these rights.

Take down policy
Heriot-Watt University has made every reasonable effort to ensure that the content in Heriot-Watt Research
Portal complies with UK legislation. If you believe that the public display of this file breaches copyright please
contact open.access@hw.ac.uk providing details, and we will remove access to the work immediately and
investigate your claim.

Download date: 23. May. 2023

https://doi.org/10.3390/brainsci11070935
https://doi.org/10.3390/brainsci11070935
https://researchportal.hw.ac.uk/en/publications/9854c656-6576-49a2-88a9-1f459d747ca6


brain
sciences

Article

Working Memory Performance under a Negative Affect Is More
Susceptible to Higher Cognitive Workloads with Different
Neural Haemodynamic Correlates

Ying Xing Feng 1,2 , Masashi Kiguchi 3, Wei Chun Ung 1,2, Sarat Chandra Dass 4, Ahmad Fadzil Mohd Hani 5,
Tong Boon Tang 1,2 and Eric Tatt Wei Ho 1,2,*

����������
�������

Citation: Feng, Y.X.; Kiguchi, M.;

Ung, W.C.; Dass, S.C.; Mohd Hani,

A.F.; Tang, T.B.; Ho, E.T.W. Working

Memory Performance under a

Negative Affect Is More Susceptible

to Higher Cognitive Workloads with

Different Neural Haemodynamic

Correlates. Brain Sci. 2021, 11, 935.

https://doi.org/10.3390/brainsci

11070935

Academic Editor: Hannes Devos

Received: 30 April 2021

Accepted: 16 June 2021

Published: 15 July 2021

Publisher’s Note: MDPI stays neutral

with regard to jurisdictional claims in

published maps and institutional affil-

iations.

Copyright: © 2021 by the authors.

Licensee MDPI, Basel, Switzerland.

This article is an open access article

distributed under the terms and

conditions of the Creative Commons

Attribution (CC BY) license (https://

creativecommons.org/licenses/by/

4.0/).

1 Centre for Intelligence Signal and Imaging Research (CISIR), Universiti Teknologi PETRONAS,
Bandar Seri Iskandar 32610, Perak, Malaysia; yx.feng@outlook.com (Y.X.F.);
ungweichun@gmail.com (W.C.U.); tongboon.tang@utp.edu.my (T.B.T.)

2 Department of Electrical & Electronics Engineering, Universiti Teknologi PETRONAS,
Bandar Seri Iskandar 32610, Perak, Malaysia

3 Research & Development Group, Hitachi Ltd., Tokyo 185-8601, Japan; masashi.kiguchi.py@hitachi.com
4 School of Mathematical and Computer Sciences, Heriot-Watt University Malaysia,

Putrajaya 62200, Wilayah Persekutuan, Malaysia; s.dass@hw.ac.uk
5 Scientific and Industrial Research Institute of Malaysia (SIRIM Bhd.), Shah Alam 40700, Selangor, Malaysia;

drfadzil@sirim.my
* Correspondence: hotattwei@utp.edu.my

Abstract: The effect of stress on task performance is complex, too much or too little stress negatively
affects performance and there exists an optimal level of stress to drive optimal performance. Task
difficulty and external affective factors are distinct stressors that impact cognitive performance.
Neuroimaging studies showed that mood affects working memory performance and the correlates
are changes in haemodynamic activity in the prefrontal cortex (PFC). We investigate the interactive
effects of affective states and working memory load (WML) on working memory task performance
and haemodynamic activity using functional near-infrared spectroscopy (fNIRS) neuroimaging on
the PFC of healthy participants. We seek to understand if haemodynamic responses could tell
apart workload-related stress from situational stress arising from external affective distraction. We
found that the haemodynamic changes towards affective stressor- and workload-related stress were
more dominant in the medial and lateral PFC, respectively. Our study reveals distinct affective
state-dependent modulations of haemodynamic activity with increasing WML in n-back tasks, which
correlate with decreasing performance. The influence of a negative effect on performance is greater
at higher WML, and haemodynamic activity showed evident changes in temporal, and both spatial
and strength of activation differently with WML.

Keywords: working memory performance; workload stress; affective states; functional near infrared
spectroscopy (fNIRS); haemodynamic activity; prefrontal cortex (PFC)

1. Introduction

The nature of jobs is shifting towards cognitively-demanding tasks, brought about by
technological advancements of the fourth industrial revolution [1]. Understanding cogni-
tive performance at work became increasingly important because mental stress arises when
the demands of the job exceeds the worker’s capability to cope [2]. While a plethora of es-
tablished assessment tools have been widely used to quantify cognitive performance, these
tests are typically designed to measure aspects of psychology and cognition in isolation.
Measuring performance on work-related cognitive tasks can be challenging as results are
often abstract and manifest only after an extended period of productivity [3]. Insights from
cognitive neuroscience [4] progressively may help to shape the design of work tasks and
environments as will feedback from measurements of individual cognitive response and
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performance. Taking direct measurements of brain activity and electrophysiological signals
are an emerging alternative with which to measure work-related cognitive performance [5]
given that recent technological advancements are making brain activity acquisition systems
more accessible.

Among the different instrument modalities available to measure brain activity [6], func-
tional near-infrared spectroscopy (fNIRS) and electroencephalography (EEG) stand out be-
cause both are portable instruments that may enable brain measurements to be taken at the
workplace. fNIRS measures time-dependent and task-related haemodynamic responses in
surface cortical regions of the brain, a signal that is comparable to the blood-oxygen-level-
dependent (BOLD) signal measured by functional magnetic resonance imaging (fMRI) [7,8].
EEG measures time-dependent electrical potential variations on the scalp surface that
are thought to originate from neural cortical activity [6]. Early studies show that both
fNIRS and EEG can detect emotionally relevant brain activity patterns. A seminal work [9]
showed that fNIRS is sensitive towards changes in task difficulty in both real-life (flight
simulator) and laboratory settings (executive functions test batteries), where increased
concentration of oxygenated haemoglobin (O2Hb) and decreased concentration of deoxy-
genated haemoglobin (HHb) were observed as the tasks became more complex. Another
study [10] combining EEG, fNIRS and skin conductance response (SCR) measures showed
that these physiological signals correlated with self-reported valence and arousal levels of
emotion. fNIRS showed increased O2Hb activity in right pre-frontal cortex (PFC) induced
by negative emotions while EEG showed delta and theta band activity was correlated with
cortical haemodynamic responsiveness to negative emotions.

We study working memory as the proxy for work performance because it interfaces
with several cognitive–neural systems and is well-established as a crucial construct in many
higher-order cognitive functions [11]. Working memory performance reflects the capacity
to retain information in an active and quickly retrievable state in the presence of divergent
thought streams [12,13]. As a buffer, working memory frees the brain from the urgency of
responding to stimuli in order to undertake long-term goals and empowers the brain to
pursue multiple active goals to execute complex behaviours [14]. Individuals with better
working memory have improved ability to control their attention and direct it to critical
tasks and thereby improved ability to multitask [15]. Working memory performance is
also predictive of work performance in many real-world cognitive tasks [13] and studies
showed that both accuracy and response time are affected by task difficulty [16–19].

Nevertheless, relating working memory ability to work performance directly could
be tricky as the interdependence between working memory and emotional states is com-
plex [20]. Prior study showed evidence of tightly-coupled and task-selective effects of
emotion on working memory [21]. Spatial working memory was enhanced by negative
moods but impaired by positive emotions, whereas verbal working memory showed the
opposite pattern [22]. Working memory is also believed to be involved in emotional reg-
ulation [23]. Cognitive workload that changes with mental effort is one dimension of
task difficulty [24], where increased cognitive workload is expected to impair cognitive
performance in a manner dependent on individual ability. Compelling theory on how
task-related and situational factors interact to impact cognitive performance is lacking [4].
We see situational factors as the determinant of affect—an arousal (intensity) versus valence
(direction) emotional state that impact cognition through changes in motivation [25–27]
or the availability of cognitive resources [28]. The effect of affective states or mood (less
intense but longer-lasting affect) on performance may not be uniform across different
workloads and, likewise, a heavy workload may also influence mood states. Mild changes
in mood affects cognition in non-intuitive ways; for example, positive moods have been
shown to impair executive function [28]. These findings suggest the importance of consid-
ering the psychological aspect in workload–performance study, particularly in the high-risk
industries as employees might bring their emotional sides with them to work without
being aware of the consequences [29].
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Since emotions play an integral part in cognition and are thought to regulate cog-
nitive processing [30], differences in affect can significantly alter cognitive performance.
Emotion can shift attention and enhance some cognitive processes like vigilance but dis-
rupt others [20]. Emotional states are believed to alter cognition through disruption of
working memory and cognitive control in favour of thoughts and actions that are congru-
ent with mood. Negative emotional states reduce an individual’s sensitivity to reward,
which biases learning and goal-directed behaviours. The effects of emotions may also
endure beyond the persistence of emotional cues [18]. A recent meta-analysis of 165 studies
(N = 7433) [4] reported that behavioural working memory performance in healthy adults
was only marginally influenced by low-intensity affect but neural recruitment showed
significant changes in activation of salience, fronto-parietal control networks and the
temporal–occipital lobe (including the fusiform gyrus). Among individuals with poor men-
tal health though, behavioural working memory performance was significantly affected
by moods. Working memory accuracy and response time are significantly impaired by
higher-intensity psychosocial stressors at high workload in n-back tasks [31].

Here, we attempt to disentangle the interrelating effects of situational and task-related
factors on cognitive performance and to establish the plausibility of using direct recordings
of brain activity to observe these effects. The study in [9] showed that fNIRS is sensitive
towards the variation in task difficulty for both real-life work and cognitive tasks in the
laboratory setting, but the relationship of OxyHb activation with task performances was not
clearly observed. We anticipate that the effects of affective states on cognitive performance
are reliant on the workload difficulty, and that our proposed fNIRS analyses could help to
uncover the respective neural haemodynamic correlates. Our study contributes towards
understanding on how cognitive stressors like task difficulty modulate the effects of
situational affective stressors on working memory performance. We showed that distinct
spatial and temporal haemodynamic trends characterise working memory performance
under situations of increasing workload with a neutral to negative affect. These findings
could help to identify haemodynamic correlations to changes in workload and affect for
the implementation of real-time mental state monitoring using wearable devices in a more
localised region.

2. Materials and Methods
2.1. Participants

Thirty-one (31) healthy male university students (mean age± std. dev.: 20.74 ± 0.75 years)
voluntarily participated in this study. Participants were recruited on a voluntary sam-
pling basis and had different ethnicities (Supplementary Table S1). All participants are
right-handed, and none have reported family history related to neurological or psychi-
atric illnesses. Aside from controlling for common confounding factors such as age [32],
gender [31,33,34], handedness [35], and health status [36], we excluded participants who
smoked habitually, because tobacco can affect cognitive functions in young adults [37].
Participants were randomly assigned to one of two independent groups, such that 16 indi-
viduals were allocated to the negative affective group (experimental group, EG) and 15
were assigned to the neutral affective group (control group, CG). The study took place in a
sound-attenuated and air-conditioned room with minimal distraction, where participants
sat on a height-adjustable chair with computer set-up resembling a workplace setting.
Before the experiment, participants were given the opportunity to practice the task without
viewing any mood-induced images. Participants were also given the flexibility to adjust
themselves (e.g., position of the display unit, keyboard, height of the chair etc.) for maximal
comfort, without interfering with the data acquisition system.

2.2. Visual Affective Stimuli

The International Affective Picture System (IAPS) [38] was used to induce negative
and neutral affective states in EG and CG, respectively. IAPS images presented in CG
include common objects in daily life, such as clothing, furniture, and accessories (mean
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valence: 4.64, SD: 0.32; mean arousal: 1.59, SD: 0.06); while images presented to those
in the experimental group have lower valance and higher arousal ratings (mean valence:
2.12, SD: 0.45; mean arousal: 6.26, SD: 0.83), including dead animals, accident victims, and
scenes of warfare etc. Images involving infants, extreme violence, or nudity were excluded
due to cultural sensitivities of the participants. We referred to the normative ratings of
male college students in IAPS manual while selecting the images. To ensure the efficacy
of the affective contents, IAPS images selected for EG participants had a significantly
lower valence (unpleasantness) and higher arousal compared with those in the CG (t-test,
p < 0.001). We repeatedly displayed the IAPS images before the start of each n-back task
to improve the efficacy of visual affective induction, because the study in [39] found that
n-back task performance, stress-hormonal changes [31], heart rate and subjective stress
index due to induced stress are modulated by time. It is also believed that the presentation
of a series of affective pictures of similar valence produces emotional reactions that are
either maintained or sensitised with time, but do not habituate [40].

2.3. WM Task Paradigm

N-back tasks with increasing WML (N = 0, 1, 2) were designed using e-Prime 2.0
(Psychology Software Tools Inc., Pittsburgh, PA, USA). IAPS images were shown for 10 s
followed by a prompt to alert the participants at 5 s before the onset of each task. We
adopted block design as it has a higher statistical power to detect task-related haemody-
namic activity and more robust to individual uncertainties in temporal haemodynamic
response functions as compared to the event-related paradigm [41]. In each WML condi-
tion, participants completed three blocks of 40 s of task interspaced by a 15 s rest interval
as illustrated in Supplementary Figure S1a. This rest duration allows sufficient time for
haemodynamic activity responses to recover from sustained elevation due to the effortful
task [42].

During each task, 20 characters (i.e., A, B, C, D, E, and X) were presented in pseu-
dorandom order for 40 s (2 s window per character, fading slowly after 1 s to alert the
participants). Participants were required to respond as quickly as possible using the numer-
ical key on a standard-size keyboard before the next character is shown. In the case of the
0-BT, participants simply identify the target (character ‘X’) by pressing “1” and reject other
characters as non-targets (by pressing “2”). For higher WML, participants are required
to decide if the current character matches the previous Nth character. We measured task
performance accuracy and response time as behavioural markers. Statistical analysis using
a two-way ANOVA mixed model with a between-subject factor (affective states) and a
within-subject factor (WML) was performed using the Statistical Package for the Social
Sciences (SPSS version 23, IBM Corp., Armonk, NY, USA).

2.4. Haemodynamic Measurement

We used the OT-R40 Optical Topography system (Hitachi Medical Corporation, Tokyo,
Japan) to measure haemodynamic responses in PFC. The system is identical to the com-
mercial ETG-4000 series based on continuous wave dual-wavelength near-infrared spec-
troscopy (NIRS: 695 nm and 830 nm), at a sampling rate of 10 Hz. A total of 15 sources
and 15 detectors were arranged in a 3 × 10 layout to cover the PFC region (Supplementary
Figure S2). Each source-detector distance is kept at 30 mm, which lies within the recom-
mended range of 16–32 mm for observing working memory task-related haemodynamic
activity on the adult’s forehead [43]. The average power of each source was 2 mW (for each
wavelength), and the dual-wavelength lights were irradiated on the measuring site through
an incident optical fibre bundle [44]. During the placement of fNIRS probes, we aligned
channel 43 (lowest measuring channel at mid-PFC) on the Fpz location accordance to the
10–20 system. To estimate our measuring channels’ mapping with the Broadman area, we
referred to an adult fNIRS study that utilised a similar system on the PFC region [45], in
which the channel’s locations were probabilistically estimated and anatomically labelled
using the standard brain space. Subsequently, we defined the region of interests as shown
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in Supplementary Figure S2, where the shaded channels are closely associated to bilateral
medial prefrontal cortex. We then grouped channels 9, 18–19, 27–28, 36–38 and 45–17 from
the left and channels 1, 10–11, 20–21, 29–31 and 39–41 from the right as the lateral PFC
region (LRPFC). Non-shaded channels were associated to the fronto-polar and dorsolateral
prefrontal cortical regions (FP).

2.5. fNIRS Data Analysis

As early study has shown that the light picked up by the fNIRS detector is correlated
to haemoglobin concentration (Hb) and scattering depth in the brain [46], we used the
Platform for Optical Topography Analysis Tools [47] to convert the channel-wise NIRS
detected light intensity into changes of oxygenated and deoxygenated haemoglobin con-
centrations (OxyHb and deOxyHb signals) based on the modified Beer–Lambert law [48].
These converted signals are expressed as the product of haemoglobin concentration change
(mM) and optical path length (light scattering path in each channel, mm) in the unit of
mM.mm. We started pre-processing the raw Hb signals by identifying the motion artefacts,
defined by sudden change of Hb signal amplitude larger than 0.4 mM.mm over 2 succes-
sive samples (200 mS) [49]. Next, we used band-pass filtering (0.008~0.12 Hz, 5th order
Butterworth) to remove DC drift and reduce non-brain related physiological components
such as heart rate in the signals [43]. The higher frequency limit is larger than two-fold [7]
the duration for n-back task block (1/52 s = 0.019 Hz). For each WML condition, 3 blocks
of data were recorded. We averaged the block signals in each channel with 5 s pre-scan,
10 s IAPS image presentation, 5 s pre-task, 40 s task, and a 10 s post-task period as shown
in Supplementary Figure S1b. The blocks which were contaminated by motion artefacts
were omitted from the analysis. Next, we applied baseline correction to each channel using
the linear fitting method based on the data points in the pre-scan and post-task periods. A
moving average filter of 30 datums (3 s) was applied to smooth the signals by decreasing
high frequency noise.

We paid more attention on OxyHb signals, because it is more directly associated with
brain activity [50], and the dominant effect of the n-back task has been reported [36]. To
examine if PFC sub-regions contribute differently towards the IAPS images and n-back
tasks, we performed paired a t-test on each channel to compare the OxyHb magnitudes of
(i) IAPS versus Pre-scan and (ii) n-back tasks versus Pre-task, respectively, under merged
WML conditions. We indicate the t-values and significant activated and deactivated
channels (2-tail, Bonferroni-corrected α < 0.05/47) during IAPS image presentation and
while performing n-back tasks on the PFC topography layout, for both affective groups.
The OxyHb changes during the IAPS image presentation period and n-back task blocks
were analysed independently in order to consider brain activation towards cognitive and
emotional processes differently [34].

To obtain a sensible task haemodynamic response across participants, we performed
a baseline correction for both OxyHb and deOxyHb temporal signals with respect to the
task activation block as shown in Supplementary Figure S1c. The 2 s pre-task and the
last 2 s of the post-task period were used for baseline correction using the linear fitting
technique in each channel, to eliminate subsequent stacking effects of haemodynamic
activation while viewing the affective images [51]. We defined the task activation period
as a 25 s window (15 s after task onset to the end of the task), after taking the delay of
haemodynamic response [49] and our task duration into consideration. A related study
also found that fNIRS signals with a 25 s window can be used to robustly quantify different
levels of workload for n-back tasks [52]. We analysed the channel-wise mean OxyHb and
deOxyHb concentration changes during n-back tasks in PFC with respect to affective states
and WML conditions on the optical topography map. The signal means are calculated
as follows:

HbXmean(i, j) =
1

Nw

t2

∑
t=t1

∆HbX(t) (1)
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where the subscript w denotes task activation window; t1 and t2 denote the start and end
time of the window, respectively. HbX refers to either OxyHb or deOxyHb data. The
iteration is repeated for ith subject and jth channel.

To distinguish if the changes of mean haemodynamic concentration with affective
state and WML are due to variation of activation area or strength (intensity), we derived
features to consider haemodynamic changes by area and strength. First, we identify the
n-back tasks’ channel-of-interests in PFC for each participant by comparing the OxyHb
magnitude during task activation window versus pre-task using a t-test (2-tail). Bonferroni
corrections were applied to 47 channels (α < 0.05/47) to exclude false positive error. We
then compute the intensity of task activation for each individual (i) as follows:

OxyHbintensity(i) =
∑NAct

j=1 OxyHbmean

NAct
(2)

where NAct is the total number of activated channels for subject ith. In any case, where j = 0
(i.e., no activated channel within the specific area of interest) the computation is omitted.
Next, we estimated the total positive area under the curve (AUC) for the subject-averaged
OxyHb temporal signal at LRPFC using the trapezoidal function as follows:

AUCLRPFC(i) =



∫ b
a f (t) dt = NaN, i f f (t) ≤ 0

.

.∫ b
a f (t)dt| ∼= 1

2

N
∑

n=1
(tn+1 − tn)[ f (tn) + f (tn+1)], otherwise

(3)
where f (t) is the averaged OxyHb temporal signal among significantly activated channels
in LRPFC with respect to subject ith, a = t2 < t2 < ... < tN < tN+1 = b, and (tn+1 − tn) is
the spacing between each consecutive pair of points. We only considered the total AUC
whenever the OxyHb signal crossed above baseline (OxyHb > 0) from time a to b. Lastly,
we performed statistical comparison for the selected spatial and temporal haemodynamic
features in 3 WMLs × 2 affective groups as follows:

i. Area of activation (number of significant activated channels) in PFC, FP and LRPFC;
ii. Strength of activation (OxyHb intensity) in PFC, FP and LRPFC;
iii. Time taken from n-back task onset to OxyHb’s highest peak at LRPFC;
iv. Total OxyHb positive area under curve at LRPFC.

We could not apply the ANOVA model for testing the statistical significance of fNIRS
data because of the imbalance in the number of activated channels between participants
under different profiles of workload and affective state (Supplementary Figure S3) which
compromises statistical power. Instead, we performed a combination of pairwise statis-
tical comparisons followed by corrections for multiple comparisons. Statistical pairwise
comparison for (i) and (ii) were assessed by independent t-tests (2-tail). In any case when
the homogeneity of variance was not assumed, a Welch t-test was applied. The temporal
data in (iii) and (iv) showed that the equality of variance assumption was met in Lev-
ene’s test (sig. > 0.05). However, there appeared to be several outliers (>1.5 interquartile
range) in the 0-back condition (<5 cases in each group for AUC) that we believed were
genuine observation (upon visual inspection of individual OxyHb signal at LRPFC during
no-load condition), and hence were retained for analysis. In addition, these data (0-back)
in (iv) did not meet the assumption of normality for parametric comparison, as assessed by
the Shapiro–Wilk test (sig. < 0.05). We opted for the Mann–Whitney U test to determine
if the temporal time-to-peak and total positive area under the curve (AUC) features were
significantly different between neutral and negative affective states. Bonferroni corrections
applied for multiple comparisons to prevent type I error, unless otherwise stated.
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3. Results
3.1. Negative Affective State Undermine Working Memory Performance and the Effect Is More
Pronounced as Task Difficulty Increases

Two-way mixed ANOVA with Greenhouse–Geisser correction [53] revealed a signifi-
cant interacting effect between WML and the affective state on accuracy (F(1.425, 41.337) = 3.827,
p < 0.05, partial η2 = 0.117), but not response time (F(1.355, 39.303) = 1.829, p = 0.183, partial
η2 = 0.059). Follow up analysis showed that the simple main effect of WML on accuracy
is highly significant in both the neutral affective state (F(1.465, 20.515) = 42.30, p < 0.0001,
partial η2 = 0.751) and negative affective state (F(1.352, 20.28) = 50.624, p < 0.0001, partial
η2 = 0.771). On the other hand, response time changes significantly with WML (main
effect: F(1.355, 39.303) = 41.370, p < 0.0001, partial η2 = 0.588), but not the affective state
[F(1,29) = 1.824, p = 0.187, partial η2 = 0.059]. We referred to [54] for benchmarks to de-
fine small (η2 = 0.01), medium (η2 = 0.06), and large (η2 = 0.14) effects.

Participants had comparable task accuracy during no load conditions (0-back), regard-
less of affective states. Under the negative affective state, participants underperformed
in accuracy with increasing workloads, whereby the greatest disparity in performance
occurred at the highest workload condition as shown in Figure 1. Post hoc analysis using
pairwise comparison revealed that the negative affective group performed significantly
poorer than the neutral group during the 2-back task (F(1, 29) = 4.242, p < 0.05, partial
η2 = 0.128). Response times in the negative affective state are consistently shorter in dura-
tion than in the neutral state, but not significantly different. The pairwise comparisons also
revealed that the response time in the 2-back task was not statistically increased from the
1-back task (p = 0.062) in the negative affective group, unlike the neutral control group that
showed significant changes (p < 0.05) between all WML conditions.
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Figure 1. The influence of affective states on (a) task accuracy and (b) response time with WML. ANOVA post-hoc analysis
of pairwise comparisons was performed using the F-test with significance at * p < 0.05, error bars are S.E.

3.2. Distinct Trends of Spatial and Temporal Haemodynamic Activity Are Correlated with Working
Memory Performance with Changes in Affective State and Working Memory Load

Channel-wise analysis in Figure 2a showed that PFC sub-regions contributed dif-
ferently while participants were subject to different procedures (see Supplementary Fig-
ure S1b). The active sub-regions corresponding to viewing IAPS images and performing
n-back tasks were more established at FP and LRPFC, respectively. Significant activated
channels corresponding to n-back tasks were also likely to be significantly deactivated dur-
ing IAPS, and vice versa. While viewing the IAPS images, participants under the negative
affective state had fewer activated channels as compared to participants under the neutral
state, particularly at right FP. The detailed comparisons are available in Supplementary
Table S2.
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Figure 2. Analysis of channel-wise contrast using (a) a paired t-test under merged WML conditions to determine if the
mean OxyHb changes towards IAPS images and WM tasks are region-specific and how (b) mean OxyHb and deOxyHb
changes with affective states and WMLs during n-back tasks. Intensifying red in (a) indicates a stronger positive contrast of
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after Bonferroni–Holm’s corrections. Warmer colours in (b) indicate higher activation for OxyHb during WM tasks, while
colder colours indicate greater reduction in deOxyHb.
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We find distinct spatial and temporal patterns of n-back tasks’ haemodynamic activity
in channels-of-interest (Supplementary Figure S3) that correlate with different profiles of
affective states and workloads. In the neutral state, mean task activation increases with
WML in LRPFC, whereas in the negative affective state, task activation decreases with
increasing WML as shown in Figure 2b. On the other hand, haemodynamic activity in FP
region appears to change with affective states, not variation in WML. We also find that
LRPFC activation is more asymmetric on the left PFC during n-back tasks, particularly
among the negative affect group.

Statistical comparisons in Figure 3 show that the haemodynamic area and intensity
of activation in whole-PFC is not significantly different between affective groups, once
Bonferroni–Holm corrections were applied to correct the family-wise error rate across
WML conditions. Region-wise analysis revealed that the intensity of activation in both
FP and LRPFC increase monotonically as task difficulty increases under the neutral state.
As workload increases, FP first shows increased area of activation and subsequently a
reduction in neural recruitment. In the negative affective state, we find a reciprocal
pattern where intensity of activation in both FP and LRPFC monotonically decreases with
increasing task difficulty. The largest disparities in area and intensity of activation between
affective groups occurred at FP during medium the (1-back) and highest (2-back) WML,
respectively (p < 0.05, large effect: Cohen’s d > 0.8. Details in Supplementary Table S3).
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Figure 3. Does haeomodynamic activity vary due to changes in area of activation or strength, and are there any dominant
effects neuroanatomically? We plotted (a) the number of significantly activated channels and (b) normalised activation from
significantly activated channels against WML and affective states in whole PFC, FP and LRPFC regions. Statistical analysis
performed between CG and EG using an independent t-test (2-tailed), with significant * p < 0.05 without family-wise error
rate correction and (B) with Bonferroni–Holm’s correction (α = 0.0167). Error bars indicate the standard error (S.E).
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Although the haemodynamic activation in LRPFC was not statistically significant
(Figure 3), the disparity between affective groups is deemed evident during the 2-back
task, indicating a moderate effect in changes of area (p = 0.079, d = 0.654) and intensity of
activation (p = 0.071, d = 0.583). Temporal analyses on LRPFC’s OxyHb signals (Figure 5)
further revealed that under no-load conditions (0-back task), the neutral and negative groups
had comparable OxyHb time to peak, whereas under load conditions (1-back and 2-back),
the signals’ time to peak between the neutral and negative affects was strikingly different
(p < 0.05, large effect: Cohen’s d > 0.8) as shown in Figure 4. In negative affective state, the
total positive AUC decreases monotonically with increasing WML and showed the greatest
disparity versus neutral state during the 2-back task (medium effect, Cohen’s d = 0.68). We
referred to [54] for benchmarks to define small (d = 0.2), medium (d = 0.5), and large (d = 0.8)
effects. The detailed statistical result is attached in Supplementary Table S4.
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Figure 4. OxyHb temporal properties of significant activated channels in LRPFC during n-back tasks. We plotted the OxyHb
signal’s (a) time taken to the highest peak from task onset, and (b) the total area under the curve (AUC) where OxyHb >
baseline zero for each affective state and WML. Statistical analysis performed between CG and EG using an independent
U-test (2-tailed), with significant * p < 0.05 without multiple-hypothesis test correction and (B) indicates Bonferroni–Holms
correction applied (α < 0.0167). Error bars indicate standard error (S.E).

fNIRS data from channels-of-interest (Supplementary Figure S3) showed that the
temporal changes of OxyHb and deOxyHb in bilateral PFC are negatively correlated
during the n-back tasks activation window (Figure 5). This haemodynamic pattern agrees
with the established fNIRS signal processing guide [55] which indicates neurovascular
coupling [56] evoked by a working memory task. Sustained activation within the task
period also reflects the general operational processes associated with task difficulty and
mental effort, aside from working memory [42]. At the individual level, we found that the
post-task OxyHb signals have a tendency to reach a below baseline level in the LRPFC
region indicating post-stimulus undershoot effects after an effortful task [41]. Our protocol
design allows sufficient time (>10 s after each task block) for haemodynamic activity to
return to baseline during the resting state.
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n-back tasks (adapted from [57] with written permission).

4. Discussion

We found interesting distinctions in the mechanism of neural activation at different
brain regions during the working memory task as workload increased. In the LRPFC,
increased mental effort correlated with greater intensity of activation whereas, in the
FP-PFC, area of activation is dominantly modulated together with minor elevation of
intensity. In addition, the pattern of activation in FP-PFC is not monotonic with workload
but resembles an inverted-U [58–61]. Increasing task difficulty appears to modulate neural
recruitment, initially by increasing resources at moderate task loads but subsequently
reducing neural recruitment at heavy workloads. Workload can act as a stressor at high
loads [5], presumably when cognitive capacity is no longer sufficient to adequately execute
the task [13]. Our data suggest this possibility because the rate of decline in both measures
of working memory performance (poorer accuracy and longer response time) is more evi-
dent with elevated workload. We anticipate that workload-related stress will compromise
performance of goal-directed information retrieval more significantly than information
persistence, because FP-PFC recruitment is depressed.

The inverted-U concept postulates that mild to moderate stress improves performance
and we see evidence of group-wise improvement on the 0-back and 1-back task during
the negative affective state (comparable accuracy but response time is improved). Severe
stress is also expected to degrade performance precipitously, and we see rapid decline
in accuracy with increasing workload under the negative affective state. The largest
disparity in performance between negative versus neutral affective state was observed
during the most difficult task (2-back). This trend suggests that the negative affective
state acts as a stressor on cognition, but only as an interacting effect with WML. Our
results agree with an early study which suggests that the non-neutral mood state imposes
a psychological load over the cognitive resources and will likely impair performance
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because of finite mental capacity [28]. The effect of compounding affective and workload
stressors is much more detrimental to performance than either stressor acting alone. Among
mentally ill subjects, working memory performance was also more significantly degraded
by negative mood [4] as compared to healthy adults. For example, schizophrenic patients
had significantly poorer performance and reduced DLPFC activity in the highest load task
(3-back) [62]. Taken together, this evidence suggests that cognition may be significantly
impaired by the negative affective state only when acting in concert with other stressors
like higher-workload or illness. It is likely that the effects will also be modulated by other
factors such as task alignment of the emotional stimuli, age and individual differences in
emotional regulation [4]. New studies are needed to explore the spectrum of factors and
their interactions because there still is a lack of neural activity data in personality-driven
variations and in a variety of mental illnesses.

Irrespective of performance, emotional factors consistently modulated neural activa-
tion during a variety of working memory tasks. Meta-analysis of 33 fMRI working memory
studies (n = 683) in healthy adults found reduced activation of right DLPFC and increased
activation of left VLPFC and OFC for working memory tasks under negative as compared
to neutral moods [4]. The study argued this as an evidence for competitive allocation of
neural resources away from executive control to perceptual processing tasks [20,25,63,64]
which predicts enhanced activation of salience networks (includes VLPFC and amygdala)
and reduced activity of the frontoparietal control network (includes DLPFC). Increased
activation of default mode network in tandem with reduced DLPFC activation was also
observed under negative mood-stressed subjects [19]. Neural processing of emotion and
cognitive processing are tightly integrated [21] and it has been argued that distinct but
closely meshed neural circuits in the frontal cortex (MPFC) are separately responsible for
emotional regulation and cognitive processing [65].

Consistent with fMRI studies, we find reduced DLPFC activation intensity during the
negative state. Prior fNIRS studies of verbal working memory have also found reduced
DLPFC activation under negative moods [66,67] but it was not replicated for spatial
working memory tasks. Our contribution is to demonstrate that haemodynamic intensity
reduction occurs in a workload-dependent manner. There is only a slight reduction in
DLPFC area of activation. This effect is striking because previous fNIRS studies have shown
that viewing images per se to induce strong negative emotions (without working memory
task) also increased OxyHb activation in VLPFC [51]. During the negative state, FP-PFC
activation area and intensity are depressed and no longer modulated by workload. This
result possibly indicates reduced neural recruitment and mental effort for goal-directed
information retrieval because negative mood causes neural resources to be redirected from
the working memory task. According to the theory of competitive reallocation, we might
expect concomitant increase in neural haemodynamic activity in frontal cortex regions
associated with emotional regulation. However, we find broad deactivation instead which
suggests that the negative affective state compounded with difficult workloads inhibits
neural activation in PFC regions associated with emotional regulation. It is also possible
that depressed activation is linked to loss of motivation (withdrawal) under difficult
workload and emotional situations.

In an fMRI study [42], greater DLPFC activation was observed as working memory
load increased (more items to recall or longer memory retention period). Individuals with
poorer response time showed increased DLPFC activation with reduced-workload depen-
dent increase [68]. These findings suggest that DLPFC activation is linked to cognitive
effort. Higher activation is consistent with greater effort [42], whether it be to compensate
for increased task difficulty or poorer cognitive efficiency. fNIRS studies also show corre-
lations between increased OxyHb activation and decreased HHb activity with increased
task difficulty [9,52,69,70] and have proposed fNIRS as a useful tool to measure mental
effort. Furthermore, an earlier fNIRS study [71] reported gender-specific haemodynamic
activation in PFC—that males showed bilateral activation with slightly left-side dominance,
whereas females showed largely left activation. Our fNIRS finding on male participants
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shows a similar trend in bilateral activation (Figure 2b) and group analysis of neural haemo-
dynamic activity under neutral affective state shows both increasing intensity and area of
activation (Figure 3), as the n-back task becomes progressively more challenging.

Increased DLPFC and MPFC activation was observed in fMRI studies on verbal
working memory tasks using emotion words [72] and in another working memory task
requiring visual identification of emotion [73]. Unlike our study where pictures where
only used as an external distractor to induce affective states, the emotion words and
pictures in these studies induced mood and provided additional contextual information
for memorisation. We argue that emotional content was aligned to the working memory
task and did not detract from the cognitive effort of working memory. Therefore, we are
unsurprised by the different patterns of neural activation. Increased DLPFC activation
suggests additional mental effort which may be linked to increased arousal or motivation
due to task-aligned emotional content. A related fNIRS study (N = 20) also found increased
OxyHb activity in the VMPFC region with increasing workloads under the negative
affective state [34], but the difference in task performance is not evident. We believe that
the disparity in findings may be due to several methodological differences. First, this
study rapidly alternates between neutral and negative affective states among participants
within a single experiment session. We think that it is difficult to control or maintain the
participants in a consistent emotional state under such settings, as mood itself is not a
simple dichotomous phenomenon [28]. Switching between the n-back task with different
WML demands may also incur additional mental resources and increase the error rate
among participants [74]. Moreover, the temporal gap between IAPS presentation and
the n-back task was too brief (1.3 s instruction cue) where the haemodynamic responses
due to affective images [51] may not have sufficient time to return to baseline. Under
these conditions, it would be difficult to ensure task-related haemodynamic activation was
separated from emotional processing. We postulate that swift WML switching might also
act as an additional stressor to participants.

Temporal analyses at LRPFC revealed that the signals’ time to peak and AUC are
markedly different between affective groups, although changes in activation area and
intensity at LRPFC were not statistically different. Interestingly, the times to peak between
affective groups were highly comparable during 0-back task (p > 0.99, d = 0.04), but
strikingly different (p < 0.05, d > 0.8) during the 1-back and 2-back tasks. Since the OxyHb
signals’ time to peak feature was relatively uncommon in fNIRS studies [75], our finding
suggests that it could be a useful marker for affective states when moderate-to-high working
memory loads were engaged. On the other hand, larger OxyHb AUC may indicate a greater
vigilance as it was significantly correlated with the amount of physical exercise [76] and
restful sleep [77]. fNIRS study found significant lower OxyHb AUC among sleep-deprived
subjects, who had compromised cognitive performance and disturbed mood state related
to vigour, as assessed by the Profile of Mood States [77]. We found that the OxyHb AUCs
between affective groups are comparable during the 1-back task. However, participants
under the influence of the negative affective state showed relatively higher and lower
AUCs during no-load (0-back) and high-load (2-back) tasks, respectively. Under the no-
load condition, the negative affect may impose additional psychological load [28] where
participants are to be more alert, evidenced by slight improvement in accuracy and lower
response time. However, high WML (2-back) acting in concert with negative affect and
increased time on task (chronologically: 0,1,2-back) are likely to have exceeded participants’
cognitive capacity to execute the given task [13], evidenced by significantly poorer accuracy.
Our findings agreed that emotion can shift attention and enhance some cognitive processes
like vigilance but disrupt others [20], depending on individual capacity and external
factors. Taken together, we showed that haemodynamic analyses which take the activation
area, strength and temporal properties into consideration, together with different PFC
sub-regions, are necessary as the interaction of affect and cognition is nuanced [30].

Brain activation patterns appear to have a gender-dependent contribution. Studies
from the verbal working memory task showed that male subjects had significantly higher
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OxyHb and TotalHb changes in bilateral PFC, as compared to female subjects who showed
predominantly left-PFC activation, even though their behavioural performances (accuracy
and response times) were comparable under various workload conditions [71]. When
exposed to negative visual stimuli, female subjects showed more intense OxyHb responses
while male subjects had no significant change [78]. One major limitation of our exploratory
study is that we recruited male-only participants, so our findings are limited to young
adult males with high educational attainment. However, our participants were recruited
from diverse ethnic backgrounds. We also find predominantly bilateral PFC activation
in working memory studies involving first authors from China [19], Japan [66], and Ger-
many [72] that relate to acute stress (females only), naturalistic mood states, and emotional
stimuli (males only), respectively. These findings suggest that gender and ethnicity may
not be the critical biases for an emotion–cognition study.

For our future work, we wish to develop a methodology for brain-guided measure-
ments to inform the design and scheduling of work-related tasks. We believe portable
brain signal acquisition systems like fNIRS and EEG have an important and untapped
potential to improve the neuroergonomics of work-related tasks and, thereby, enhance
worker productivity, well-being and safety. The study reported in this paper is a prelimi-
nary exploration towards our long-term goal. Future experiments should include studies
over different genders and spanning the entire working age of healthy adults with differ-
ent educational attainments and cognitive capacities. We also anticipate replicating our
analysis on a variety of different executive and cognitive tasks besides working memory,
in order to generalise our findings over the range of cognitive tasks that a worker may
regularly employ in the course of a job.

5. Conclusions

We established that cognitive performance and haemodynamic responses towards
different affective states are workload dependent, and that direct brain measurement using
fNIRS helps to unravel such interaction when participants are engaged with moderate–high
working memory loads. We also found that PFC sub-regions contribute differently towards
affective stimuli and n-back tasks, under different profiles of workload difficulty and
affective states. In FP, the negative affect leads to significant depressed neural recruitment
by activation area and intensity, during 1-back and 2-back tasks, respectively (both a
showed large effect, d > 0.8). Although the activation area and strength in DLPFC were
not statistically different between affective states and across WMLs, temporal analyses
revealed distinctive patterns in the signal’s time to peak and AUC The negative affect
had significantly shortened OxyHb time to peak in LRPFC (large effect, d > 0.8 during
1-back and 2-back), and reduced OxyHb AUC during 2-back task (medium effect, d > 0.5).
We postulate that these temporal features correspond to the affective marker and mental
alertness, respectively. New studies are needed to correlate these temporal markers with
established assessments (e.g., the positive and negative affect schedule or mini mental state
examination) on a larger sample to reaffirm the causality. Overall, we showed that a holistic
analyses approach that considered fNIRS data from aspects of activation area, intensity,
temporal properties, and PFC sub-regions are important. Our study also suggests that
fNIRS is indeed helpful to uncover the interaction of working memory loads and affective
states, as behavioural performance data only indicate that the negative affect impaired
task accuracy (medium effect: partial η2 = 0.128; but not response time) during the highest
WML condition (2-back). We anticipate that the application of a wearable fNIRS device
to monitor mental states in critical workplaces is becoming more feasible, as reliable and
straightforward (without complex computational load) markers for affect and cognition
are progressively established at a more localised PFC region.

Supplementary Materials: The following are available online at https://www.mdpi.com/article/10
.3390/brainsci11070935/s1, Table S1—Participants’ demographic information, Figure S1: (a) Experi-
mental protocol in chronological order with (b) the averaged fNIRS signal analysis block and (c) the
task activation block, Figure S2: Layout for fNIRS measuring channels with guidance for placement,
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Figure S3: fNIRS task OxyHb activation map—channel of interest (COI), Table S2: Statistical compari-
son to indicate significant activated and deactivated fNIRS channels during IAPS presentation and
n-back task, Table S3: Statistical comparisons for haemodynamic activity area and intensity across
PFC regions, Table S4: Statistical comparisons of Temporal OxyHb features in DLPFC across WML
and affective states.

Author Contributions: Conceptualisation, M.K., T.B.T. and A.F.M.H.; methodology, Y.X.F., M.K.
and E.T.W.H.; software, Y.X.F. and W.C.U.; validation, M.K., S.C.D. and E.T.W.H.; formal analysis,
Y.X.F. and S.C.D.; investigation, Y.X.F.; resources, M.K., T.B.T. and A.F.M.H.; data curation, Y.X.F. and
W.C.U.; writing—original draft preparation, Y.X.F.; writing—review and editing, M.K. and E.T.W.H.;
visualisation, Y.X.F. and E.T.W.H.; supervision, E.T.W.H.; project administration, E.T.W.H. and T.B.T.;
funding acquisition, T.B.T. and A.F.M.H. All authors have read and agreed to the published version
of the manuscript.

Funding: This study is supported by the Ministry of Higher Education Malaysia through the HI-CoE
grant scheme awarded to the Centre for Intelligent Signal and Imaging Research, Universiti Teknologi
PETRONAS.

Institutional Review Board Statement: This study was conducted according to the guidelines of
the Declaration of Helsinki and approved by the Human Research Ethics Committee of Universiti
Pendidikan Sultan Idris (reference: 2019-0032-01).

Informed Consent Statement: Informed consent was obtained from all participants involved in
the study.

Data Availability Statement: The datasets generated and analysed during the current study are
available from the corresponding author on reasonable request. The data are not publicly available
due to privacy and ethical concerns.

Acknowledgments: The authors thank the members of Optical Topography Research, Central
Research Laboratory, Hitachi Ltd. for valuable feedbacks on this study. We also thank Ibrahima Faye
(Department of Fundamental and Applied Sciences, Universiti Teknologi PETRONAS) for advice on
the statistical analysis. We also express our sincere gratitude to all volunteers who participated in this
study. Y.X.F. is grateful for the funding support from the Yayasan Universiti Teknologi PETRONAS
(YUTP Postgraduate Scholarship) and the Merdeka Award Grant for International Attachment
sponsored by PETRONAS, Shell, and ExxonMobil Malaysia.

Conflicts of Interest: The authors declare no conflict of interest.

References
1. Forum, W.E. The future of jobs: Employment, skills and workforce strategy for the fourth industrial revolution. In Global Challenge

Insight Report; World Economic Forum: Geneva, Switzerland, 2016.
2. Butler, G. Definitions of stress. Occas. Pap. R. Coll. Gen. Pract. 1993, 61, 1–5.
3. Ahonen, L.; Cowley, B.U.; Hellas, A.; Puolamäki, K. Biosignals reflect pair-dynamics in collaborative work: EDA and ECG study

of pair-programming in a classroom environment. Sci. Rep. 2018, 8, 3138. [CrossRef] [PubMed]
4. Schweizer, S.; Satpute, A.B.; Atzil, S.; Field, A.P.; Hitchcock, C.; Black, M.; Barrett, L.F.; Dalgleish, T. The impact of affective

information on working memory: A pair of meta-analytic reviews of behavioral and neuroimaging evidence. Psychol. Bull. 2019,
145, 566. [CrossRef]

5. Alberdi, A.; Aztiria, A.; Basarab, A. Towards an automatic early stress recognition system for office environments based on
multimodal measurements: A review. J. Biomed. Inform. 2016, 59, 49–75. [CrossRef]

6. Paszkiel, S.; Szpulak, P. Methods of Acquisition, Archiving and Biomedical Data Analysis of Brain Functioning BT—Biomedical Engineering
and Neuroscience; Hunek, W.P., Paszkiel, S., Eds.; Springer International Publishing: Cham, Switzerland, 2018; pp. 158–171.

7. Sato, H.; Yahata, N.; Funane, T.; Takizawa, R.; Katura, T.; Atsumori, H.; Nishimura, Y.; Kinoshita, A.; Kiguchi, M.; Koizumi, H. A
NIRS–fMRI investigation of prefrontal cortex activity during a working memory task. Neuroimage 2013, 83, 158–173. [CrossRef]

8. Cui, X.; Bray, S.; Bryant, D.M.; Glover, G.H.; Reiss, A.L. A quantitative comparison of NIRS and fMRI across multiple cognitive
tasks. Neuroimage 2011, 54, 2808–2821. [CrossRef]

9. Causse, M.; Chua, Z.; Peysakhovich, V.; Del Campo, N.; Matton, N. Mental workload and neural efficiency quantified in the
prefrontal cortex using fNIRS. Sci. Rep. 2017, 7. [CrossRef]

10. Balconi, M.; Grippa, E.; Vanutelli, M.E. What hemodynamic (fNIRS), electrophysiological (EEG) and autonomic integrated
measures can tell us about emotional processing. Brain Cogn. 2015, 95, 67–76. [CrossRef] [PubMed]

11. Baddeley, A. The episodic buffer: A new component of working memory? Trends Cogn. Sci. 2000, 4, 417–423. [CrossRef]

http://doi.org/10.1038/s41598-018-21518-3
http://www.ncbi.nlm.nih.gov/pubmed/29453408
http://doi.org/10.1037/bul0000193
http://doi.org/10.1016/j.jbi.2015.11.007
http://doi.org/10.1016/j.neuroimage.2013.06.043
http://doi.org/10.1016/j.neuroimage.2010.10.069
http://doi.org/10.1038/s41598-017-05378-x
http://doi.org/10.1016/j.bandc.2015.02.001
http://www.ncbi.nlm.nih.gov/pubmed/25721430
http://doi.org/10.1016/S1364-6613(00)01538-2


Brain Sci. 2021, 11, 935 16 of 18

12. Draheim, C.; Harrison, T.L.; Embretson, S.E.; Engle, R.W. What item response theory can tell us about the complex span tasks.
Psychol. Assess. 2018, 30, 116–129. [CrossRef] [PubMed]

13. Engle, R.W. Working memory capacity as executive attention. Curr. Dir. Psychol. Sci. 2002, 11, 19–23. [CrossRef]
14. D’Esposito, M.; Postle, B.R. The cognitive neuroscience of working memory. Annu. Rev. Psychol. 2015, 66, 115–142. [CrossRef]

[PubMed]
15. Redick, T.S.; Shipstead, Z.; Meier, M.E.; Montroy, J.J.; Hicks, K.L.; Unsworth, N.; Kane, M.J.; Hambrick, D.Z.; Engle, R.W. Cognitive

predictors of a common multitasking ability: Contributions from working memory, attention control, and fluid intelligence. J.
Exp. Psychol. Gen. 2016, 145, 1473–1492. [CrossRef] [PubMed]

16. Kerestes, R.; Ladouceur, C.D.; Meda, S.; Nathan, P.J.; Blumberg, H.P.; Maloney, K.; Ruf, B.; Saricicek, A.; Pearlson, G.D.; Bhagwagar,
Z.; et al. Abnormal prefrontal activity subserving attentional control of emotion in remitted depressed patients during a working
memory task with emotional distracters. Psychol. Med. 2012, 42, 29–40. [CrossRef] [PubMed]

17. Harvey, P.O.; Fossati, P.; Pochon, J.B.; Levy, R.; LeBastard, G.; Lehéricy, S.; Allilaire, J.F.; Dubois, B. Cognitive control and brain
resources in major depression: An fMRI study using the n-back task. Neuroimage 2005, 26, 860–869. [CrossRef] [PubMed]

18. Kensinger, E.A.; Corkin, S. Effect of negative emotional content on working memory and long-term memory. Emotion 2003, 3, 378.
[CrossRef] [PubMed]

19. Qin, S.; Hermans, E.J.; van Marle, H.J.F.; Luo, J.; Fernández, G. Acute psychological stress reduces working memory-related
activity in the dorsolateral prefrontal cortex. Biol. Psychiatry 2009, 66, 25–32. [CrossRef]

20. Okon-Singer, H.; Hendler, T.; Pessoa, L.; Shackman, A.J. The neurobiology of emotion–cognition interactions: Fundamental
questions and strategies for future research. Front. Hum. Neurosci. 2015, 9, 58. [CrossRef] [PubMed]

21. Gray, J.R.; Braver, T.S.; Raichle, M.E. Integration of emotion and cognition in the lateral prefrontal cortex. Proc. Natl. Acad. Sci.
USA 2002, 99, 4115–4120. [CrossRef]

22. Gray, J.R. Emotional modulation of cognitive control: Approach–withdrawal states double-dissociate spatial from verbal two-back
task performance. J. Exp. Psychol. Gen. 2001, 130, 436. [CrossRef]

23. Rolls, E. A biased activation theory of the cognitive and attentional modulation of emotion. Front. Hum. Neurosci. 2013, 7, 74.
[CrossRef]

24. Reid, G.B.; Nygren, T.E. The subjective workload assessment technique: A scaling procedure for measuring mental workload.
Adv. Psychol. 1988, 52, 185–218.

25. Pessoa, L. How do emotion and motivation direct executive control? Trends Cogn. Sci. 2009, 13, 160–166. [CrossRef]
26. Cardinal, R.N.; Parkinson, J.A.; Hall, J.; Everitt, B.J. Emotion and motivation: The role of the amygdala, ventral striatum, and

prefrontal cortex. Neurosci. Biobehav. Rev. 2002, 26, 321–352. [CrossRef]
27. Spielberg, J.M.; Stewart, J.L.; Levin, R.L.; Miller, G.A.; Heller, W. Prefrontal cortex, emotion, and approach/withdrawal motivation.

Soc. Personal. Psychol. Compass 2008, 2, 135–153. [CrossRef] [PubMed]
28. Mitchell, R.L.C.; Phillips, L.H. The psychological, neurochemical and functional neuroanatomical mediators of the effects of

positive and negative mood on executive functions. Neuropsychologia 2007, 45, 617–629. [CrossRef]
29. Hume, D. Emotions and Moods. In Organizational Behavior; Robbins, S.P., Judge, T.A., Eds.; Pearson: London, UK, 2012;

pp. 258–297.
30. Storbeck, J.; Clore, G.L. Affective Arousal as Information: How Affective Arousal Influences Judgments, Learning, and Memory.

Soc. Personal. Psychol. Compass 2008, 2, 1824–1843. [CrossRef]
31. Schoofs, D.; Preuß, D.; Wolf, O.T. Psychosocial stress induces working memory impairments in an n-back paradigm. Psychoneu-

roendocrinology 2008, 33, 643–653. [CrossRef] [PubMed]
32. Klencklen, G.; Banta Lavenex, P.; Brandner, C.; Lavenex, P. Working memory decline in normal aging: Memory load and

representational demands affect performance. Learn. Motiv. 2017, 60, 10–22. [CrossRef]
33. Lai, V.; Theppitak, C.; Makizuka, T.; Higuchi, Y.; Movahed, M.; Kumudini, G.; Izumi, H.; Kumashiro, M. A normal intensity

level of psycho-physiological stress can benefit working memory performance at high load. Int. J. Ind. Ergon. 2014, 44, 362–367.
[CrossRef]

34. Ozawa, S.; Matsuda, G.; Hiraki, K. Negative emotion modulates prefrontal cortex activity during a working memory task: A
NIRS study. Front. Hum. Neurosci. 2014, 8. [CrossRef]

35. Okada, F.; Tokumitsu, Y.; Hoshi, Y.; Tamura, M. Gender- and handedness-related differences of forebrain oxygenation and
hemodynamics. Brain Res. 1993, 601, 337–342. [CrossRef]

36. Koike, S.; Takizawa, R.; Nishimura, Y.; Kinou, M.; Kawasaki, S.; Kasai, K. Reduced but broader prefrontal activity in patients with
schizophrenia during n-back working memory tasks: A multi-channel near-infrared spectroscopy study. J. Psychiatr. Res. 2013, 47,
1240–1246. [CrossRef]

37. Chamberlain, S.R.; Odlaug, B.L.; Schreiber, L.; Grant, J.E. Association between tobacco smoking and cognitive functioning in
young adults. Am. J. Addict. 2012, 21, S14–S19. [CrossRef]

38. Lang, P.J.; Bradley, M.M.; Cuthbert, B.N. International affective picture system (IAPS): Technical manual and affective ratings.
NIMH Cent. Study Emot. Atten. 1997, 1, 39–58.

39. Rosenbaum, D.; Hilsendegen, P.; Thomas, M.; Haeussinger, F.B.; Metzger, F.G.; Nuerk, H.-C.; Fallgatter, A.J.; Nieratschker, V.;
Ehlis, A.-C. Cortical hemodynamic changes during the Trier Social Stress Test: A fNIRS study. Neuroimage 2017, 171, 107–115.
[CrossRef] [PubMed]

http://doi.org/10.1037/pas0000444
http://www.ncbi.nlm.nih.gov/pubmed/28277694
http://doi.org/10.1111/1467-8721.00160
http://doi.org/10.1146/annurev-psych-010814-015031
http://www.ncbi.nlm.nih.gov/pubmed/25251486
http://doi.org/10.1037/xge0000219
http://www.ncbi.nlm.nih.gov/pubmed/27797557
http://doi.org/10.1017/S0033291711001097
http://www.ncbi.nlm.nih.gov/pubmed/21733287
http://doi.org/10.1016/j.neuroimage.2005.02.048
http://www.ncbi.nlm.nih.gov/pubmed/15955496
http://doi.org/10.1037/1528-3542.3.4.378
http://www.ncbi.nlm.nih.gov/pubmed/14674830
http://doi.org/10.1016/j.biopsych.2009.03.006
http://doi.org/10.3389/fnhum.2015.00058
http://www.ncbi.nlm.nih.gov/pubmed/25774129
http://doi.org/10.1073/pnas.062381899
http://doi.org/10.1037/0096-3445.130.3.436
http://doi.org/10.3389/fnhum.2013.00074
http://doi.org/10.1016/j.tics.2009.01.006
http://doi.org/10.1016/S0149-7634(02)00007-6
http://doi.org/10.1111/j.1751-9004.2007.00064.x
http://www.ncbi.nlm.nih.gov/pubmed/20574551
http://doi.org/10.1016/j.neuropsychologia.2006.06.030
http://doi.org/10.1111/j.1751-9004.2008.00138.x
http://doi.org/10.1016/j.psyneuen.2008.02.004
http://www.ncbi.nlm.nih.gov/pubmed/18359168
http://doi.org/10.1016/j.lmot.2017.09.002
http://doi.org/10.1016/j.ergon.2013.11.015
http://doi.org/10.3389/fnhum.2014.00046
http://doi.org/10.1016/0006-8993(93)91733-9
http://doi.org/10.1016/j.jpsychires.2013.05.009
http://doi.org/10.1111/j.1521-0391.2012.00290.x
http://doi.org/10.1016/j.neuroimage.2017.12.061
http://www.ncbi.nlm.nih.gov/pubmed/29274500


Brain Sci. 2021, 11, 935 17 of 18

40. Lang, P.J.; Bradley, M.M.; Cuthbert, B.N. Emotion, attention, and the startle reflex. Psychol. Rev. 1990, 97, 377. [CrossRef]
41. Lindquist, M.A. The statistical analysis of fMRI data. Stat. Sci. 2008, 23, 439–464. [CrossRef]
42. Cohen, J.D.; Perlstein, W.M.; Braver, T.S.; Nystrom, L.E.; Noll, D.C.; Jonides, J.; Smith, E.E. Temporal dynamics of brain activation

during a working memory task. Nat. Cell Biol. 1997, 386, 604–608. [CrossRef]
43. Kiguchi, M.; Funane, T.; Sato, H. A novel measurand independent of the distance between the source and detector for continuous

wave near-infrared spectroscopy. Rev. Sci. Instrum. 2017, 88, 64301. [CrossRef] [PubMed]
44. Sato, H.; Obata, A.; Yamamoto, Y.; Kiguchi, M.; Kubota, K.; Koizumi, H.; Moda, I.; Ozaki, K.; Yasuhara, T.; Maki, A. Application

of near-infrared spectroscopy to measurement of hemodynamic signals accompanying stimulated saliva secretion. J. Biomed. Opt.
2011, 16, 1–9. [CrossRef]

45. Takizawa, R.; Fukuda, M.; Kawasaki, S.; Kasai, K.; Mimura, M.; Pu, S.; Noda, T.; Niwa, S.; Okazaki, Y.; Group, J.P. for P.A. of
N.-I.S. Neuroimaging-aided differential diagnosis of the depressive state. Neuroimage 2014, 85, 498–507. [CrossRef]

46. Maki, A.; Yamashita, Y.; Ito, Y.; Watanabe, E.; Mayanagi, Y.; Koizumi, H. Spatial and temporal analysis of human motor activity
using noninvasive NIR topography. Med. Phys. 1995, 22, 1997–2005. [CrossRef] [PubMed]

47. Sutoko, S.; Sato, H.; Maki, A.; Kiguchi, M.; Hirabayashi, Y.; Atsumori, H.; Obata, A.; Funane, T.; Katura, T. Tutorial on platform
for optical topography analysis tools. Neurophotonics 2016, 3, 10801. [CrossRef]

48. Delpy, D.T.; Cope, M.; van der Zee, P.; Arridge, S.R.; Wray, S.; Wyatt, J.S. Estimation of optical pathlength through tissue from
direct time of flight measurement. Phys. Med. Biol. 1988, 33, 1433. [CrossRef]

49. Sato, H.; Aoki, R.; Katura, T.; Matsuda, R.; Koizumi, H. Correlation of within-individual fluctuation of depressed mood with
prefrontal cortex activity during verbal working memory task: Optical topography study. J. Biomed. Opt. 2011, 16, 126007–1260077.
[CrossRef]

50. Strangman, G.; Culver, J.P.; Thompson, J.H.; Boas, D.A. A quantitative comparison of simultaneous BOLD fMRI and NIRS
recordings during functional brain activation. Neuroimage 2002, 17, 719–731. [CrossRef]

51. Hoshi, Y.; Huang, J.; Kohri, S.; Iguchi, Y.; Naya, M.; Okamoto, T.; Ono, S. Recognition of human emotions from cerebral blood
flow changes in the frontal region: A study with event-related near-infrared spectroscopy. J. Neuroimaging 2011, 21, e94–e101.
[CrossRef]

52. Herff, C.; Heger, D.; Fortmann, O.; Hennrich, J.; Putze, F.; Schultz, T. Mental workload during n-back task—quantified in the
prefrontal cortex using fNIRS. Front. Hum. Neurosci. 2014. [CrossRef] [PubMed]

53. Abdi, H. The greenhouse-geisser correction. Encycl. Res. Des. 2010, 1, 544–548.
54. Cohen, J. Statistical Power Analysis for the Behavioral Sciences, 2nd ed.; Routledge: London, UK, 1988.
55. Cui, X.; Bray, S.; Reiss, A.L. Functional near infrared spectroscopy (NIRS) signal improvement based on negative correlation

between oxygenated and deoxygenated hemoglobin dynamics. Neuroimage 2010, 49, 3039–3046. [CrossRef] [PubMed]
56. Wolf, M.; Wolf, U.; Toronov, V.; Michalos, A.; Paunescu, L.A.; Choi, J.H.; Gratton, E. Different time evolution of oxyhemoglobin

and deoxyhemoglobin concentration changes in the visual and motor cortices during functional stimulation: A near-infrared
spectroscopy study. Neuroimage 2002, 16, 704–712. [CrossRef]

57. Feng, Y.X.; Ung, W.C.; Dass, S.C.; Hani, A.F.M.; Tang, T.B.; Ho, E.T.W. Temporal Haemodynamic Measures of Mood and Work
Load Effects on Working Memory Performance. In Proceedings of the 7th International Conference on Intelligent and Advanced
System (ICIAS) 2018, Kuala Lumpur, Malaysia, 13–15 August 2018; IEEE: Piscataway, NJ, USA, 2018.

58. Sapolsky, R.M. Stress and the brain: Individual variability and the inverted-U. Nat. Neurosci. 2015, 18, 1344. [CrossRef]
59. Muse, L.A.; Harris, S.G.; Feild, H.S. Has the inverted-U theory of stress and job performance had a fair test? Hum. Perform. 2003,

16, 349–364. [CrossRef]
60. Mizoguchi, K.; Yuzurihara, M.; Ishige, A.; Sasaki, H.; Chui, D.-H.; Tabira, T. Chronic stress induces impairment of spatial working

memory because of prefrontal dopaminergic dysfunction. J. Neurosci. 2000, 20, 1568–1574. [CrossRef] [PubMed]
61. Cools, R.; D’Esposito, M. Inverted-U–shaped dopamine actions on human working memory and cognitive control. Biol. Psychiatry

2011, 69, e113–e125. [CrossRef]
62. Jansma, J.M.; Ramsey, N.F.; Van Der Wee, N.J.A.; Kahn, R.S. Working memory capacity in schizophrenia: A parametric fMRI

study. Schizophr. Res. 2004, 68, 159–171. [CrossRef]
63. Eysenck, M.W.; Derakshan, N.; Santos, R.; Calvo, M.G. Anxiety and cognitive performance: Attentional control theory. Emotion

2007, 7, 336. [CrossRef] [PubMed]
64. Dolcos, F.; Katsumi, Y.; Denkova, E.; Dolcos, S. Factors influencing opposing effects of emotion on cognition: A review of evidence

from research on perception and memory. In The Physics of the Mind and Brain Disorders; Springer: Berlin/Heidelberg, Germany,
2017; pp. 297–341.

65. Lee, T.-W.; Xue, S.-W. Does emotion regulation engage the same neural circuit as working memory? A meta-analytical comparison
between cognitive reappraisal of negative emotion and 2-back working memory task. PLoS ONE 2018, 13, e0203753. [CrossRef]

66. Aoki, R.; Sato, H.; Katura, T.; Utsugi, K.; Koizumi, H.; Matsuda, R.; Maki, A. Relationship of negative mood with prefrontal cortex
activity during working memory tasks: An optical topography study. Neurosci. Res. 2011, 70, 189–196. [CrossRef]

67. Sato, H.; Dresler, T.; Haeussinger, F.B.; Fallgatter, A.J.; Ehlis, A.C. Replication of the correlation between natural mood states and
working memory-related prefrontal activity measured by near-infrared spectroscopy in a German sample. Front. Hum. Neurosci.
2014, 8, 8. [CrossRef]

http://doi.org/10.1037/0033-295X.97.3.377
http://doi.org/10.1214/09-STS282
http://doi.org/10.1038/386604a0
http://doi.org/10.1063/1.4989791
http://www.ncbi.nlm.nih.gov/pubmed/28668007
http://doi.org/10.1117/1.3565048
http://doi.org/10.1016/j.neuroimage.2013.05.126
http://doi.org/10.1118/1.597496
http://www.ncbi.nlm.nih.gov/pubmed/8746704
http://doi.org/10.1117/1.NPh.3.1.010801
http://doi.org/10.1088/0031-9155/33/12/008
http://doi.org/10.1117/1.3662448
http://doi.org/10.1006/nimg.2002.1227
http://doi.org/10.1111/j.1552-6569.2009.00454.x
http://doi.org/10.3389/fnhum.2013.00935
http://www.ncbi.nlm.nih.gov/pubmed/24474913
http://doi.org/10.1016/j.neuroimage.2009.11.050
http://www.ncbi.nlm.nih.gov/pubmed/19945536
http://doi.org/10.1006/nimg.2002.1128
http://doi.org/10.1038/nn.4109
http://doi.org/10.1207/S15327043HUP1604_2
http://doi.org/10.1523/JNEUROSCI.20-04-01568.2000
http://www.ncbi.nlm.nih.gov/pubmed/10662846
http://doi.org/10.1016/j.biopsych.2011.03.028
http://doi.org/10.1016/S0920-9964(03)00127-0
http://doi.org/10.1037/1528-3542.7.2.336
http://www.ncbi.nlm.nih.gov/pubmed/17516812
http://doi.org/10.1371/journal.pone.0203753
http://doi.org/10.1016/j.neures.2011.02.011
http://doi.org/10.3389/fnhum.2014.00037


Brain Sci. 2021, 11, 935 18 of 18

68. Rypma, B.; Berger, J.S.; D’esposito, M. The influence of working-memory demand and subject performance on prefrontal cortical
activity. J. Cogn. Neurosci. 2002, 14, 721–731. [CrossRef] [PubMed]

69. Fishburn, F.A.; Norr, M.E.; Medvedev, A.V.; Vaidya, C.J. Sensitivity of fNIRS to cognitive state and load. Front. Hum. Neurosci.
2014, 8, 76. [CrossRef] [PubMed]

70. Ayaz, H.; Onaral, B.; Izzetoglu, K.; Shewokis, P.A.; McKendrick, R.; Parasuraman, R. Continuous monitoring of brain dynamics
with functional near infrared spectroscopy as a tool for neuroergonomic research: Empirical examples and a technological
development. Front. Hum. Neurosci. 2013, 7, 871. [CrossRef] [PubMed]

71. Li, T.; Luo, Q.; Gong, H. Gender-specific hemodynamics in prefrontal cortex during a verbal working memory task by near-
infrared spectroscopy. Behav. Brain Res. 2010, 209, 148–153. [CrossRef] [PubMed]

72. Grimm, S.; Weigand, A.; Kazzer, P.; Jacobs, A.M.; Bajbouj, M. Neural mechanisms underlying the integration of emotion and
working memory. Neuroimage 2012, 61, 1188–1194. [CrossRef]

73. Neta, M.; Whalen, P.J. Individual differences in neural activity during a facial expression vs. identity working memory task.
Neuroimage 2011, 56, 1685–1692. [CrossRef] [PubMed]

74. Monsell, S. Task switching. Trends Cogn. Sci. 2003, 7, 134–140. [CrossRef]
75. Hong, K.-S.; Khan, M.J.; Hong, M.J. Feature Extraction and Classification Methods for Hybrid fNIRS-EEG Brain-Computer

Interfaces. Front. Hum. Neurosci. 2018, 12, 246. [CrossRef] [PubMed]
76. Kato, K.; Iwamoto, K.; Kawano, N.; Noda, Y.; Ozaki, N.; Noda, A. Differential effects of physical activity and sleep duration on

cognitive function in young adults. J. Sport Health Sci. 2018, 7, 227–236. [CrossRef]
77. Miyata, S.; Noda, A.; Ozaki, N.; Hara, Y.; Minoshima, M.; Iwamoto, K.; Takahashi, M.; Iidaka, T.; Koike, Y. Insufficient sleep

impairs driving performance and cognitive function. Neurosci. Lett. 2010, 469, 229–233. [CrossRef] [PubMed]
78. Yang, H.; Zhou, Z.; Liu, Y.; Ruan, Z.; Gong, H.; Luo, Q.; Lu, Z. Gender difference in hemodynamic responses of prefrontal area to

emotional stress by near-infrared spectroscopy. Behav. Brain Res. 2007, 178, 172–176. [CrossRef] [PubMed]

http://doi.org/10.1162/08989290260138627
http://www.ncbi.nlm.nih.gov/pubmed/12167257
http://doi.org/10.3389/fnhum.2014.00076
http://www.ncbi.nlm.nih.gov/pubmed/24600374
http://doi.org/10.3389/fnhum.2013.00871
http://www.ncbi.nlm.nih.gov/pubmed/24385959
http://doi.org/10.1016/j.bbr.2010.01.033
http://www.ncbi.nlm.nih.gov/pubmed/20117145
http://doi.org/10.1016/j.neuroimage.2012.04.004
http://doi.org/10.1016/j.neuroimage.2011.02.051
http://www.ncbi.nlm.nih.gov/pubmed/21349341
http://doi.org/10.1016/S1364-6613(03)00028-7
http://doi.org/10.3389/fnhum.2018.00246
http://www.ncbi.nlm.nih.gov/pubmed/30002623
http://doi.org/10.1016/j.jshs.2017.01.005
http://doi.org/10.1016/j.neulet.2009.12.001
http://www.ncbi.nlm.nih.gov/pubmed/19969042
http://doi.org/10.1016/j.bbr.2006.11.039
http://www.ncbi.nlm.nih.gov/pubmed/17222468

	Introduction 
	Materials and Methods 
	Participants 
	Visual Affective Stimuli 
	WM Task Paradigm 
	Haemodynamic Measurement 
	fNIRS Data Analysis 

	Results 
	Negative Affective State Undermine Working Memory Performance and the Effect Is More Pronounced as Task Difficulty Increases 
	Distinct Trends of Spatial and Temporal Haemodynamic Activity Are Correlated with Working Memory Performance with Changes in Affective State and Working Memory Load 

	Discussion 
	Conclusions 
	References

