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Abstract 

This paper empirically and experimentally investigates whether and how time -

constraints influence investors’ profits and portfolio strategies. Using data from the 

peer-to-peer (P2P) lending market, we find that profits increase as the relative decision-

making time (RDT) increases at the investor and bid levels. The losses are because 

investors without enough time cannot analyse loans’ default ratios to reduce their 

allocation of funds to high-risk loans. Our study suggests that fast decisions reduce the 

quality of the decisions and increase the risk of the investments and systems. This study 

fills research gaps about the influence of decision-making time on investment decisions 

in real financial markets. We also find that there is a threshold value in the positive 

relationship between investment decision time and profits. When the completion time 

of a funded loan is more than 10 seconds, improved investment returns can be observed 

as the RDT increases.  

Keywords: Decision time, investment decision, Peer-to-Peer lending markets 
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1. Introduction 

The speed of the publication of new information and of transactions accelerates as 

technology develops. Real investors are forced to take less time to process information 

and make decisions. In stock markets, floor- and e- traders usually take advantage of 

the millisecond advantages that are provided by access to the real-time information that 

is transmitted on trading platforms and electronic platforms (Nursimulu and Bossaerts, 

2014). In auction markets, bidders learn about others’ prices and instantly adjust their 

valuations at the last minute (Roth and Ockenfels, 2002). In peer-to-peer (P2P) lending 

markets, investors make decisions using the loan information that is provided by the 

online lending platforms. Loans can be funded in several seconds; meanwhile, the 

approval process of traditional intermediation often takes months. 

However, fast thinking not only makes investors grasp the timing to make 

substantial money but also results in poor decision-making and losses. Psychologica l 

studies have long focused on the trade-off between speed and accuracy of decision-

making. Individuals who make fast-decisions tend to ignore important information, and 

their decision-making quality declines (Kruglanski and Freund, 1983; Payne et al., 1996; 

Tversky and Kahneman, 1974). Meanwhile, Förster et al. (2003) find that speed and 

accuracy are largely independent of each other. These authors even found that accuracy 

is positively related to speed in some cases. Since financial decisions under time 

pressure are ubiquitous, economists have begun to pay more attention to the impact of 

time pressure on financial decisions. Economists find that time pressure affects subjects ’ 

performance (De Paola and Gioia, 2016; Liao et al., 2018) and risk preferences (Kocher 

et al., 2013; Nursimulu and Bossaerts, 2014). However, to what extent do people behave 

in an experiment as they would behave in a real financial situation (Levitt and List, 

2007)?  

The purpose of this article is to empirically investigate whether and how time -

constraints influence investors’ profits and portfolio strategies. In particular, we will 

address two research questions. (1) Does the decision-making speed impact investors’ 

profits? (2) How do investors without enough time allocate funds to loans?  

We study these questions in an online P2P lending market in which individua l 
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investors bid on unsecured small loans that are listed by individual borrowers. We 

obtained the transaction data from Renrendai.com, a leading P2P lending platform in 

China. The following features make this market an ideal place to analyse investors’ 

risky decisions under time pressure. First, sequential decisions experience endogenous 

time pressure. The characteristics of sequential decisions are that options are presented 

one by one as time passes, decision-makers have to make choices before they have time 

to observe all the options, and regrets are costly. This situation is very similar to the 

case of investors who choose loans in P2P lending markets where the process of 

searching and accumulating loans’ information is accompanied by the losses of time. 

The more loan information that is accumulated, the greater is the risk of missing good 

loans. Second, investors are more likely to perceive time pressure in a sequentia l 

decision-making environment because the follow and wait-and-see strategies in static 

decision-making are no longer applicable. Decision makers are forced to seek strategies 

to balance the risks of missed and never observed good options(Ferguson, 1989; 

Naveteur et al., 2013; Wang and Bai, 2013). Third, Renrendai.com provides an 

investment order for each loan’s investors which allows us to measure each investors’ 

relative decision time (RDT). Finally, Renrendai.com is a large financial market with a 

long operating time, which allows us to analyse investors’ decision time and portfolio 

strategies.  

Using data from this online P2P lending market, we provide new evidence of the 

negative impacts of fast decisions on individual profits and portfolio strategies in a real 

financial market. In this paper, our empirical and experimental analyses produce three 

main findings. 

First, we investigate the relationship between decision time and profits at the 

investor and bid levels. We use the RDT for investor 𝑗’s private bid orders to measure 

the investor’s decision time for loan 𝑖, and we document that investors’ profits increase 

as their decision time increases.  

Second, by comparing the characteristics of the loans that are chosen by investors 

under different decision time, we find that fast decision-making investors tend to pay 

less attention to the default risk factors. For example, fast decision-making investors 
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tend to choose loans with fewer words in their descriptions. Further, we regress the 

investment amounts with loans’ rates and default ratios. The result shows that investors 

with less decision time cannot reduce their allocation of funds for default loans, which 

implies that quicker decision-making reduces the accuracy of decisions.   

Finally, we explore the conditions under which the profit advantages of later 

investors exist. When loans were funded in 10 seconds, later investors’ profit 

advantages do not exist. Meanwhile, profits are significantly positively related to the 

RDT when loans were funded in more than 10 seconds. Ten seconds are the threshold 

value for the positive relationship between the investment decision time and profits. In 

addition, using experimental data, we also prove that investors will suffer losses if their 

real decision time is too short. 

Our paper makes several contributions to the literature. Our research provides 

evidence of the cognitive biases under time pressure in a real financial market to the 

psychology and economics literature. In contrast to previous research that measure time 

pressure by a few controlled time points and hundreds of students in labs, we can 

directly observe the effects of the whole decision-making time change for multip le 

decisions on the portfolio strategies and profits of thousands of investors. In contrast to 

the existing P2P lending research, we focus on the impacts of investors’ decision time 

on their profits and portfolio strategies and design investors’ RDT to measure the 

decision time, which is more reasonable and reliable than using the real decision time.  

Finally, there is a threshold value in the positive relationship between investment 

decision time and profits.  

The remaining paper is organized as follows. In Section 2, we review the related 

literature and present the hypotheses. Section 3 presents the measurement methods of 

investors’ decision time, describes the data from Renrendai.com and provides the 

descriptive statistics of the sample. Section 4 reports the empirical and experimenta l 

results for the impact of decision time on investors’ profits and portfolio strategies. The 

final section presents the conclusions. 

2. Literature Review and Hypotheses Development 

We first analyse the impact of the time-constraint on investment performance. 
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There is a trade-off between a decision’s speed and quality whereby quicker decision-

making reduces the quality of decisions (Diederich, 1997; Diederich and Busemeyer, 

2003). Payne et al. (1996) find that subjects under time pressure gather less information 

and process it faster, resulting in lower profits. De Paola and Gioia (2016) find that time 

pressure exerts a negative and statistically significant impact on females’ exam 

performance.   

However, Kocher and Sutter (2006) prove that time-dependent payoffs under high 

time pressure lead to significantly faster decision-making without reducing the quality 

of decisions. Aminilari and Pakath (2005) document that fast decision makers (Imager 

users) earned as much as slow decision makers (Text user) by following faster but less 

accurate strategies. Svenson and Benson (1993) show that time pressure can weaken 

the framing effect and improve decision-making quality.  

In P2P lending markets, specifically, investors without enough time cannot 

thoroughly search and analyse loans. Therefore, we speculate that investors without 

enough time to think will have lower profits, and we present Hypothesis 1. 

H1: Fast decision-making investors earn less. 

Next, we explore the reasons why investors experience losses. First, time pressure 

affects information processing. Kahneman (2011) argues that system 1 operates 

automatically and quickly with little or no effort while system 2 is slow, deliberate and 

allocates attention to the effortful mental activities. Making fast decisions using 

heuristics or salient cues always results in systematic decision-making errors (Tversky 

and Kahneman, 1974). Chaiken (1980) argues that decision makers with enough time 

prefer to gather more relevant information before making systematic decisions. Without 

enough time, decision makers use a heuristic processing strategy with simple decision 

rules. Young et al. (2012) find that decision makers will voluntarily reduce their 

selection criteria as their perceived time pressure increases. Thus, we conjecture that 

investors without enough time cannot identify loans’ default risks, which causes losses, 

and construct Hypothesis 2a. 

H2a：Fast decision-making investors ignore information about loans’ default risks. 

Second, time pressure influences investors’ preferences. Nursimulu and Bossaerts  

Jo
ur

na
l P

re
-p

ro
of

Journal Pre-proof



 

(2014) compare preference models under time pressure and find that the moment-based 

theory provides a better fit than the prospect theory. Most studies support more risk 

taking under acute stress(Lighthall et al., 2009; Pabst et al., 2013; Preston et al., 2007). 

In addition, time pressure can change individual portfolio strategies due to increased 

physiological stress, which in turn increases risk taking (Buckert et al., 2014). Kocher 

et al. (2013) provide the opposite evidence that time pressure has no effect on risk 

attitudes towards gains, but it increases risk aversion for losses. 

In summary, we speculate that another reason why fast decision-makers lose more 

is that investors who do not have enough time possibly increase their risk-taking and 

invest more in high-risk loans.  

H2b: Fast decision-making investors change their risk preferences and tend to 

take risks. 

3. Data and Methodology 

3.1 Data from Renrendai.com 

The data are obtained from Renrendai.com, which is one of the largest P2P lending 

platforms in China that was established in 2010. After years of steady development, 

Renrendai.com is ranked second in the industry in terms of comprehensive forces1. By 

the end of February 2018, the total transaction volume exceeded 50 billion on 

Renrendai.com.  

The transactions taking place on Renrendai.com are typical examples of P2P 

lending. On Renrendai.com, borrowers can submit loan applications with the loan title, 

loan amount, loan term, and loan description. Borrowers voluntarily disclose personal 

information in loan listings, including age, income, education, gender, marital status, 

home ownership, mortgages, car ownership, car loans, etc. Specifically, Renrendai.com 

provides verification services for standard/hard information, including nationa l 

identification cards, credit reports, mobile phone numbers, education, house, car, 

borrowers’ addresses and so on. On Renrendai.com, borrowers can fund any amount 

ranging from 3,000 yuan to 500,000 yuan and decide the debt term, which is usually 

                                                                 
1  The rankings come from WDZJ (https://www.wdzj.com/pingji_25.html) a website that provides 

comprehensive information about all P2P platforms in China. 
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one of the following: 3, 6, 9, 12, 15, 18, 24 or 36 months. Borrowers specify their 

listings’ interest rates, which are subject to the minimum interest rate that is required 

by Renrendai.com for each credit rating. In our sample, the lowest interest rate is 5.6% 

and the highest is 24.4%. 

Once listings are posted online, investors can see listings’ interest rates and 

information about borrowers’ jobs, incomes, credit ratings, descriptions and so on. 

Investors can choose to lend multiples of RMB 50 at a listing’s pre-specified interest 

rate. With a minimum bid amount of RMB 50, a listing typically requires multiple bids 

to become fully funded, and each bid amount varies. Within seven days of fundrais ing, 

a listing that achieves 100% funding is successful. Even if the deadline is not met, the 

loan cannot continue to accept investors' investments. If investors fail to provide 

enough money in the required time, the borrower receives no funding. Repayment of 

Renrendai.com loans uses phased manner matching the monthly loan interest profits. 

There were three kinds of loans on Renrendai.com from 2011 to 2015. A kind of 

loans are credit-guarantee loans, which have no mortgage. The borrowers are mainly 

salary workers, small and medium-sized enterprises and Internet merchants. Because 

the principal guarantee of credit loans, the profits that are claimed by borrowers and 

investors’ real profits cannot be guaranteed to be completely consistent, which is more 

suitable for evaluating investors' investment performance. Correspondingly, the other 

kinds of loans are institutional guarantees and field certification, which guarantee the 

payment of the original investment and interest2. To better measure the quality of loans, 

therefore, we only use loans that were successfully funded and completed repayment 

or defaults from January 1, 2011, to December 31, 2015. We eliminate the data that are 

earlier and later than this period to avoid the initial launch period and leave enough time 

for repayment, respectively, in order to observe the whole credit cycle of loans.  

Investors can bid in three ways. First, investors can buy financial products to bid 

on loans, such as the U Plan, Salary Plan, and Choose Better Plan, in which 

Renrendai.com gives investors a fixed interest rate, extracts some interest and helps 

                                                                 
2 Renrendai.com is located in Beijing. Since May 30, 2016, the Beijing Municipal Government has requested that 

all p2p lending platforms do not publicize guaranteed income in any way. 
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investors to automatically bid. Second, investors can use the automatic bidding tools 

that are provided by the platform, which allows investors set their own standards. 

Finally, investors can personally bid on loans. To estimate the effects of the decision 

time on investors’ portfolio strategies, we only use the transactions where investors 

personally bid. Moreover, we also drop the bids of additional investments (i.e., if 

investor i bids on loan j more than once, we only keep the first bid) to accurately 

estimate investors’ decision time.  

Finally, we only use investors’ bid records who also have been borrowers on 

Renrendai.com in order to exclude the impacts of investors who may be institutiona l 

investors (Wei and Lin, 2016) and better observe and control investors’ characterist ics. 

As a result, our sample includes 38,153 records of bids from 2,293 individual investors.  

 

3.2 Measure of Relative Decision Time  

Initially, we must accurately measure investors’ decision time. Although each 

investor’s investment is posted online with a time stamp that is visible to all investors 

in real time during the funding process, it results in large errors, since real time is used 

to directly measure the time that is required by investors to make decisions on 

Renrendai.com platform. This phenomenon is due to the following two reasons. First, 

real time does not represent real decision time. Real investment time is longer than 

actual decision time, since real time may include thinking time, searching time, and 

other time when investors do not think about investment issues after bids open (e.g., 

after a bid is allowed, investors are still working on their own jobs or partaking in 

entertainment). Second, the quality of the loan also affects investors’ real decision time. 

Some scholars prove that higher-quality loans are funded in less time (Liao et al., 2014).  

Therefore, we use RDT to measure investor i’s decision time for loan 𝑗, and its 

specific formula is as follows: 

𝑅𝐷𝑇𝑖𝑗 =
𝑜𝑟𝑑𝑒𝑟𝑖𝑗

 𝑛𝑢𝑚 _𝑖𝑛𝑣𝑒𝑠𝑡𝑜𝑟𝑗
                        (1) 

where 𝑅𝐷𝑇𝑖𝑗  is the fixed decision order that investor  𝑖  invests in loan j. 𝑜𝑟𝑑𝑒𝑟𝑖𝑗 

represents that investor 𝑖  is the 𝑜𝑟𝑑𝑒𝑟𝑖𝑗 − 𝑡ℎ  investor who bid on loan j. 

Jo
ur

na
l P

re
-p

ro
of

Journal Pre-proof



 

 𝑛𝑢𝑚_𝑖𝑛𝑣𝑒𝑠𝑡𝑜𝑟𝑗 is the total number of investors who bid on loan j. 

Further, we use the average 𝑅𝐷𝑇𝑖𝑗 of investor 𝑖’s total investments to represent 

his or her RDT at the investor level, which could reduce the error from a single 

measurement.  

𝐼𝑛𝑣𝑒𝑠𝑡𝑜𝑟 𝑅𝐷𝑇𝑖 =
∑ 𝑅𝐷𝑇𝑖𝑗

𝑛𝑢𝑚 _𝑏𝑖𝑑 𝑖
𝑛𝑢𝑚 _𝑏𝑖𝑑 𝑖 =1

𝑛𝑢𝑚_𝑏𝑖𝑑 𝑖
                   (2) 

where 𝐼𝑛𝑣𝑒𝑠𝑡𝑜𝑟 𝑅𝐷𝑇𝑖  is investor 𝑖 ’s relative decision time, ∑ 𝑅𝐷𝑇𝑖𝑗
𝑛𝑢𝑚_𝑏𝑖𝑑 𝑖
𝑛𝑢𝑚_𝑏𝑖𝑑 𝑖=1

  is 

the sum of all of investor i’s relative decision time and 𝑛𝑢𝑚_𝑏𝑖𝑑 𝑖 is the total number 

of bids that investor i makes in our sample. In addition, we divide each investor’s total 

RDT into ten groups based on his or her number of bids and calculate the standard 

deviation in each group. For example, if an investor bids on 120 loans in the market, 

the first twelve bids are divided into the first group.  

 

[Insert Figure 1 Here] 

 

Figure 1 shows that the standard deviation of investors’ RDT decreases as the 

number of bids increases, which proves that one’s RDT will gradually stabilize with 

experience and have certain inertia. We also provide the specific average value of the 

standard deviation of investors’ RDT in different groups of the number of bids in Table1. 

The last rows of Table 1 show that the standard deviation of investors’ RDT in the first 

group is significantly larger than that of the tenth group ( 𝐷𝑖𝑓𝑓 = 0.009, 𝑡 −

𝑠𝑡𝑎𝑡𝑖𝑠𝑡𝑖𝑐𝑠 = 5.067), which implies that the measurement method of investors’ RDT is 

more reliable as investors gain experience.  

 

[Insert Table 1 Here] 

3.3 Variables and Summary Statistics 

Each investor or loan in our sample is associated with many variables that are 

either provided by Renrendai.com or that we compute using loan and investor 

information. These variables fall into three groups. The first group of variables is at 

the investor level, such as investors’ RDT, profits and characteristics and portfolios’ 
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characteristics. The second group is the loan information, including loans’ rates and 

duration, borrowers’ credit ratings and age and so on. The third group of variables is 

at the bid level. For example, these variables include the cumulative investment in 

loan 𝑗 before investor i bids, and the amount of lender j’s bids on loan 𝑖. Moreover, 

we also control the time effect. A complete list of all variables that are derived from 

Renrendai.com can be found in Table 2. 

 

[Insert Table 2 Here] 

 

Table 3 provides the summary statistics of all the variables that are used in this 

study. There are approximately 2,393 investors in our sample, and the average 

investors’ RDT is 0.569. In addition, investors hold 32% of the total investments in 

loans with the highest risk rating (i.e., HR). Investors’ average profits are 76.45 yuan, 

and the average age is 33. Approximately 9.4% of investors work in the financ ia l 

industry, and 13% of investors have cars, houses and no loans. 

At the bid level, the average RDT of each bid is approximately 0.518. 9.1% of 

bids invest in default loans, and each bid is approximately 81.014 yuan. We winsorize 

all variables at both the upper and lower 1% to mitigate the impacts of outliers.  

 

[Insert Table 3 Here] 

 

4. Empirical Results 

In this section, we first separately examine the relationship between RDT and 

profits at the investor and bid levels. Second, we investigate the differences in the 

loans’ characteristics that are chosen by investors with different decision time. Finally, 

we analyse the allocation of funds by investors with different RDT.  

4.1 Profits and Relative Decision Time 

4.1.1 The Investor Level 

Now, we explore whether investors’ RDT affects their profits. First, we measure 

investors’ profits. Investors’ profits are related not only to the interest rates of invested 
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loans but also to the bid amounts and whether the loans default. Since the principa l 

guarantee mechanism exists on Renrendai.com, the losses are the profits that investor 

should have earned. Taken together, we calculate each investor’s the total profits 

according to the following formulas: 

𝑝𝑟𝑜𝑓𝑖𝑡𝑖𝑗 = 𝐼𝑑𝑒𝑓𝑎𝑢𝑙𝑡𝑗
∗ 𝑏𝑖𝑑𝑎𝑚𝑜𝑢𝑛𝑡𝑖𝑗 ∗ 𝑙𝑜𝑎𝑛𝑟𝑎𝑡𝑒𝑗            (3) 

𝐼𝑛𝑣𝑒𝑠𝑡𝑜𝑟_𝑝𝑟𝑜𝑓𝑖𝑡𝑖 =
∑ 𝑝𝑟𝑜𝑓𝑖𝑡𝑖𝑗

𝑛𝑢𝑚_𝑏𝑖𝑑𝑖
𝑛𝑢𝑚_𝑏𝑖𝑑𝑖 =1

𝑛𝑢𝑚 _𝑏𝑖𝑑𝑖
                    (4) 

where profit𝑖𝑗 is the profits from investor 𝑖′s investment in loan j, and 𝐼𝑑𝑒𝑓𝑎𝑢𝑙𝑡𝑗
 is 

an indicator variable that equals -1 if loan j defaults and equals 1 if loan i is repaid on 

time. 𝑏𝑖𝑑𝑎𝑚𝑜𝑢𝑛𝑡𝑖𝑗  is the amount that investor 𝑖 invested in loan j and 𝑙𝑜𝑎𝑛𝑟𝑎𝑡𝑒𝑗 is 

the interest rate of loan j. 𝐼𝑛𝑣𝑒𝑠𝑡𝑜𝑟_𝑝𝑟𝑜𝑓𝑖𝑡𝑖  is each investor’s total profits, and 

∑ 𝑝𝑟𝑜𝑓𝑖𝑡𝑖𝑗
𝑛𝑢𝑚 _𝑏𝑖𝑑𝑖

𝑛𝑢𝑚 _𝑏𝑖𝑑𝑖=1
 is the sum of all investment profits for investor j.   

Then, we employ the following specification to investigate the relationship 

between investors’ RDT and profits. 

𝐼𝑛𝑣𝑒𝑠𝑡𝑜𝑟_𝑃𝑟𝑜𝑓𝑖𝑡𝑖 = 𝛽0 + 𝛽1𝐼𝑛𝑣𝑒𝑠𝑡𝑜𝑟 𝑅𝐷𝑇𝑖 + 𝑐′𝑋 𝑖 + 𝜀𝑗      (5) 

where 𝑋 𝑖 is a vector of control variables at the investor level, including a herding 

variable, portfolio risk and investors’ financial literacy.  

The herding variable impacts the conveyed information that investors can infer 

loans’ quality by observing peer lending decisions and well-funded loans tend to attract 

more funding (Burtch et al., 2013; Zhang and Liu, 2012). 

𝐼𝑛𝑣𝑒𝑠𝑡𝑜𝑟_𝐵𝑖𝑑𝐴𝑚𝑜𝑢𝑛𝑡𝐴𝑐𝑐𝑢𝑚𝑙   is the average total investment as of the previous 

investor for all investment of investor 𝑖.  

We control the portfolio risks that influence investors’ profits, which are measured 

by the following variables.  𝑃𝑜𝑟𝑡_𝑅𝑖𝑠𝑘𝑦𝑆ℎ𝑎𝑟𝑒 is the proportion of highest risk loans 

that are held by investor 𝑖. 𝑃𝑜𝑟𝑡_𝑅𝑖𝑠𝑘𝑦𝐾𝑖𝑛𝑑 is the number of types of loan risk levels 

that are held by investor 𝑖 . 𝑃𝑜𝑟𝑡_𝑅𝑎𝑡𝑒  , 𝑃𝑜𝑟𝑡_𝐷𝑢𝑟𝑎𝑡𝑖𝑜𝑛 , 𝑃𝑜𝑟𝑡_𝐴𝑚𝑜𝑢𝑛𝑡 , 

𝑃𝑜𝑟𝑡_𝑑𝑒𝑠𝑐𝑟𝑖𝑝𝑍𝑊 ,𝑃𝑜𝑟𝑡_𝐴𝑔𝑒, 𝑃𝑜𝑟𝑡_𝐽𝑜𝑏𝑖𝑛𝑐𝑜𝑚𝑒, and 𝑃𝑜𝑟𝑡_𝐸𝑑𝑢 are respectively the 

average portfolio rate, loan duration, loan amount, number of Chinese words, 

borrower’s age, borrower’s income and borrower’s education in investor 𝑖 ’s 
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investments.  

Following Finke et al. (2017) and Bianchi (2018), we also control for investors’ 

literacy and characteristics that reflect the investors’ ability to make money in the 

market, including investors’ industry (𝐼𝑛𝑣𝑒𝑠𝑡𝑜𝑟_𝐹𝑖𝑛), education level (𝐼𝑛𝑣𝑒𝑠𝑡𝑜𝑟_𝐸𝑑𝑢), 

wealth (𝐼𝑛𝑣𝑒𝑠𝑡𝑜𝑟_𝐴𝑠𝑠𝑒𝑡  ), age (𝐼𝑛𝑣𝑒𝑠𝑡𝑜𝑟_𝐴𝑔𝑒 ), and investment experience on this 

platform (𝑛𝑢𝑚_𝑏𝑖𝑑). The specific definitions are shown in Table 2. 

Table 4 reports the results corresponding to hypothesis 1 at the investor level. 

Controlling for investors’ financial literacy, portfolios’ risks and herding variable and 

clustering investors, we find that investors’ profits increase as investors’ RDT increases 

(𝛽 = 264.1, 𝑡 − 𝑠𝑡𝑎𝑡𝑖𝑠𝑡𝑖𝑐𝑠 = 5.03). This finding result suggests that investors tend to 

obtain greater profits when they have enough time to think rather than when new 

information (other investors’ bids information) appears during the waiting time, which 

supports Hypothesis 1. 

 

[Insert Table 4 Here] 

 

Furthermore, the herding variable is significantly negatively related to investors ’ 

profits. Specifically, investors’ profits decline as the previous investors’ accumulat ive 

investment increase (𝛽 = −251.6, 𝑡 − 𝑠𝑡𝑎𝑡𝑖𝑠𝑡𝑖𝑐𝑠 = −5.80). This result may be due to 

the following two reasons. First, an irrational herding portfolio strategy leads to bidding 

on bad loans and lower investor profits. Second, a rational herding portfolio strategy 

can help investors choose good loans, but most of the good loans have been funded by 

others. Thus, the amount that investors can bid decreases, resulting in lower profits. 

Regreding portfolios’ risks, the more types of loan risks that are in a portfolio 

(Port_RiskyKind), the lower the investors’ profits are (𝛽 = −3.615, 𝑡 − 𝑠𝑡𝑎𝑡𝑖𝑠𝑡𝑖𝑐𝑠 =

−2.12 ), which means that investors cannot improve their profits through portfolio 

diversification. Finally, regarding investors’ financial literacy, we find that investors 

who are older, well-capitalized, do not work in the financial industry and have more 

education can get higher profits. 

4.1.2 The Bid Level 
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We have found that for each investor, his or her decision time affects his or her total 

profits in the market. Investors can earn greater profits by taking more time to think.  

However, considering the different loan characteristics, we need to explore whether this 

relationship is still valid for each investment of an investor.  

Using an OLS regression, we investigate the relationship between RDT and profits 

at the bid level using the following specification: 

𝑃𝑟𝑜𝑓𝑖𝑡𝑖𝑗 = 𝛽0 + 𝛽1 𝑅𝐷𝑇𝑖𝑗 + 𝑐′𝑋 𝑖𝑗 + 𝜀𝑖𝑗              (6) 

where Profit𝑖𝑗 is the profits of investor i for loan 𝑗.  𝑅𝐷𝑇𝑖𝑗 is investor 𝑖’s relative 

decision time when he or she bids on loan 𝑗. 𝑋 𝑖𝑗 is a vector of control variables at 

the bid level, including a herding variable, loan characteristics, investors’ financ ia l 

literacy and a year fixed effect to control for changes in the Renrendai.com environment 

over time.  

 

[Insert Table 5 Here] 

 

In Table 5, a bid’s profit is significantly positively related to RDT (𝛽 = 213.2,𝑡 −

𝑠𝑡𝑎𝑡𝑖𝑠𝑡𝑖𝑐𝑠 = 6.73), which implies that investors take longer to think about loans and 

obtain more profits for each bid. This result also supports Hypothesis 1 at the bid level. 

We also control the loan characteristics that obviously influence the profits from a bid 

and adjust standard errors for clusters in borrowers and investors.  

To exclude the influence of the information that is generated by other investors ’ 

bids, we also control the herding in each bid by including the 𝐵𝑖𝑑𝐴𝑚𝑜𝑢𝑛𝑡𝐴𝑐𝑐𝑢𝑚𝑙  of 

the invested loan (Zhang and Liu, 2012). 𝐵𝑖𝑑𝐴𝑚𝑜𝑢𝑛𝑡𝐴𝑐𝑐𝑢𝑚𝑙   is significantly 

negatively related to the profits for each bid (𝛽 = −211.6,𝑡 − 𝑠𝑡𝑎𝑡𝑖𝑠𝑡𝑖𝑐𝑠 = −7.36). 

This result suggests that choosing a loan that has been bid on by many investors will 

reduce the profits of a bid. In addition, investing in a loan with a higher rate (𝛽 =

8.881, 𝑡 − 𝑠𝑡𝑎𝑡𝑖𝑠𝑡𝑖𝑐𝑠 = 7.27 ), shorter duration  (𝛽 = −2.086,𝑡 − 𝑠𝑡𝑎𝑡𝑖𝑠𝑡𝑖𝑐𝑠 =

−5.61), and larger amount (𝛽 = 16.91, 𝑡 − 𝑠𝑡𝑎𝑡𝑖𝑠𝑡𝑖𝑐𝑠 = 5.64) and whose borrower is 

younger, and more educated tends to result in higher profits at the bid level. 

Taken together, the less time that investors think about the loans they choose, the 
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greater the losses they will suffer, whether it is at the investor or bid level. Our findings 

are in line with the findings that fast decision-making results in lower quality decisions 

(Busemeyer and Diederich, 2002; De Paola and Gioia, 2016; Diederich and Busemeyer, 

2003). 

4.2 Capital Allocation and Relative Decision Time  

Since investors’ RDT impacts profits at the bid and investor levels, we further 

investigate what types of loans that investors prefer and how they allocate money under 

different RDT to explain why profits increase as investors’ decision time increases. 

4.2.1 Loans’ Characteristics  

 To investigate what kinds of loans that investors like under different RDT, we 

employ the t-test to compare the loans that are invested in by faster investors whose 

RDT are among the bottom 30% to the loans that are invested in by slower investors 

whose RDT are among the top 30% in our sample. 

 

[Insert Table 6 Here] 

 

Table 6 shows the results of the comparison. Compared to slower investors, we find 

that the loans chosen by investors who make faster decisions have significantly higher 

default ratios (𝑀𝑒𝑎𝑛 𝑜𝑓 𝐹𝑎𝑠𝑡 𝐺𝑟𝑜𝑢𝑝 = 0.097, 𝑀𝑒𝑎𝑛 𝑜𝑓 𝑆𝑙𝑜𝑤 𝐺𝑟𝑜𝑢𝑝 = 0.086,

𝑎𝑛𝑑 𝐷𝑖𝑓𝑓𝑒𝑟𝑒𝑛𝑐𝑒 𝑜𝑓 𝑡 − 𝑡𝑒𝑠𝑡 =  0.011 ), which supports Hypothesis 2a. 

Specifically, loans that are chosen by fast decision-making investors have higher loan 

rates, shorter duration, smaller loan amounts and fewer words in the loan’s description. 

In addition, fast decision-making investors tend to choose younger borrowers with 

lower credit ratings, lower income, no cars and no houses. Overall, investors without 

enough decision time pay less attention to the specific information of a loan, such as its 

description, the borrower’s income and so on. 

4.2.2 Capital Allocation 

Next, we analyse how investors with different decision time allocate funds to loans. 

First, we integrate the loan information in two parts: one part represents the profit, and 

the other part represents the default risk. The profit rate is the loan’s interest rate, which 
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is directly given by the platform and can be easily known by investors. The other 

represents the default risk. Investors need to speculate according to the loan information. 

We use the loan information and the real default situation to estimate default ratios and 

to measure the default risk of a loan. The specific regression equations are as follows： 

 

𝑑𝑒𝑓𝑎𝑢𝑙𝑡 = 𝛽0 + 𝛽1𝑥1 + ⋯ + 𝛽𝑚 𝑥𝑚 + 𝜀  ,               (7a) 

𝑑𝑒𝑓𝑎𝑢𝑙𝑡𝑟𝑎𝑡𝑖𝑜 = 𝛽0̂ + 𝛽1̂𝑥1 + ⋯ +

𝛽�̂�𝑥𝑚                                      (7b) 

 

where 𝑑𝑒𝑓𝑎𝑢𝑙𝑡 is an indicator variable that equals 1 if a loan defaults and is zero 

otherwise. 𝑥1,𝑥2, … 𝑥𝑚 is a series of loan characteristics, including the loans’ duration, 

amounts, and descriptions; borrowers’ credit, ages, and job incomes; and so on. 

𝑑𝑒𝑓𝑎𝑢𝑙𝑡𝑟𝑎𝑡𝑖𝑜  is the estimated loan default risk.  𝛽0̂, 𝛽1̂,… , 𝛽m̂  are the estimated 

coefficients that are obtained by the logistic regression (7a). Table 7 shows the results 

of formula (7a). 

[Insert Table 7 Here] 

 

Table 7 reports the relationships between loans’ characteristics and defaults. A 

loan’s duration (𝛽 = 0.132, 𝑡 − 𝑠𝑡𝑎𝑡𝑖𝑠𝑡𝑖𝑐𝑠 = 17.26)  and amount (𝛽 = 0.42, 𝑡 −

𝑠𝑡𝑎𝑡𝑖𝑠𝑡𝑖𝑐𝑠 = 5.38) are significantly positively related to the loan’s default. Moreover, 

higher borrowers’ credit ratings reduce the likelihood of loans’ default risks (𝛽 =

−2.303, 𝑡 − 𝑠𝑡𝑎𝑡𝑖𝑠𝑡𝑖𝑐𝑠 = −15.76) . Similarly, younger, more educated borrowers 

who provide longer descriptions and have cars or houses tend to repay loans on time. 

Second, we estimate the default ratio for each loan using the estimated coefficients 

in Table 7 in order to investigate how investors with different decision time choose 

interest rates and default risks when allocating funds. We partition loans according to 

the quantile of its investors’ RDT. 

For each subsample, we explore the relationship between the allocation of funds 

and a loan’s rate and estimated default. The OLS regression equation is as follows： 
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 𝑏𝑖𝑑𝑎𝑚𝑜𝑢𝑛𝑡𝑖𝑗 = 𝛽0 + 𝛽1𝑙𝑜𝑎𝑛𝑟𝑎𝑡𝑒𝑖𝑗 + 𝛽2𝑑𝑒𝑓𝑎𝑢𝑙𝑡𝑟𝑎𝑡𝑖𝑜𝑖𝑗 + 𝑐′𝑋 𝑖𝑗 +

𝜀𝑖𝑗          (8) 

 

where 𝑏𝑖𝑑𝑎𝑚𝑜𝑢𝑛𝑡𝑖𝑗  is the bid of investor j for loan i and it is fixed by the loan’s 

amount, 𝑙𝑜𝑎𝑛𝑟𝑎𝑡𝑒𝑖𝑗 is the interest rate of loan 𝑖 that is invested in by investor j, and 

𝑑𝑒𝑓𝑎𝑢𝑙𝑡𝑟𝑎𝑡𝑖𝑜𝑖𝑗  is estimated default risk of loan i that is invested in by investor j. 𝑋 𝑖𝑗 

is a vector of control variables, including 𝐵𝑖𝑑𝐴𝑚𝑜𝑢𝑛𝑡𝐴𝑐𝑐𝑢𝑚𝑙  , 𝐸𝑥𝑝𝑒𝑟𝑖𝑒𝑛𝑐𝑒 , 

investors’ variables and the time effect.  

 

[Insert Table 8 Here] 

 

 Table 8 represents the regression results for different investors’ RDT. In columns 

(2)-(6) of Table 8, we find a significant positive correlation between the investment 

amount and the loan rate, while fast decision-making investors did not have a 

significant relationship with the loan’s rate in column (1)  (𝛽 = 0.001, 𝑡 −

𝑠𝑡𝑎𝑡𝑖𝑠𝑡𝑖𝑐𝑠 = 0.58). Further, slow decision-making investors reduced their investment 

amounts according to a loan’s default ratio in columns (2)-(6), while fast decision-

making investors did not have a significant relationship with a loan’s default ratio in 

column (1)  (β = −0.02, t − statistics = −1.13) . This relationship suggests that 

investors without enough time ignore information about loans’ default risks and profits 

decline, which supports Hypothesis 2a. However, we do not find evidence that the 

coefficient for the default ratio varies from significantly positive to negative with the 

bid amounts as the RDT increases; therefore, we cannot prove Hypothesis 2b. 

 To specifically observe the continuous influence of investors’ decision time, we 

further add two interaction terms and separately analyse the moderating effect of the 

decision time on the capital allocation according to the loans’ default ratios and interest 

rates. To do this, we form the following regression: 

 

  𝑏𝑖𝑑𝑎𝑚𝑜𝑢𝑛𝑡𝑖𝑗 = 𝛽0 + 𝛽1𝑙𝑜𝑎𝑛𝑟𝑎𝑡𝑒𝑖𝑗 + 𝛽2𝑙𝑜𝑎𝑛𝑟𝑎𝑡𝑒𝑖𝑗 ∗ 𝐼𝑛𝑣𝑒𝑠𝑡𝑜𝑟 𝑟𝑒𝑙𝑎𝑡𝑖𝑣𝑒 𝑑𝑒𝑐𝑖𝑠𝑖𝑜𝑛

 𝑡𝑖𝑚𝑒𝑖  +   𝛽3𝑑𝑒𝑓𝑎𝑢𝑙𝑡𝑟𝑎𝑡𝑖𝑜𝑖𝑗 +  𝛽4𝑑𝑒𝑓𝑎𝑢𝑙𝑡𝑟𝑎𝑡𝑖𝑜𝑖𝑗 ∗ 𝐼𝑛𝑣𝑒𝑠𝑡𝑜𝑟 𝑟𝑒𝑙𝑎𝑡𝑖𝑣𝑒 𝑑𝑒𝑐𝑖𝑠𝑖𝑜𝑛 𝑡𝑖𝑚𝑒𝑖 +
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                           𝛽5𝐼𝑛𝑣𝑒𝑠𝑡𝑜𝑟 𝑟𝑒𝑙𝑎𝑡𝑖𝑣𝑒 𝑑𝑒𝑐𝑖𝑠𝑖𝑜𝑛 𝑡𝑖𝑚𝑒𝑖 + 𝑐′𝑋 𝑖𝑗 +

𝜀𝑖𝑗                              (9) 

 

where 𝑋 𝑖𝑗  is a vector of control variables, including BidAmountAccuml , 

Experience, investors’ variables and the time effect. We also adjust standard errors 

for clusters in borrowers and investors. The remaining variables are described above. 

Following Aiken et al. (1991), Cohen et al.(2003) and Hayes (2013), the paper 

centralizes 𝑙𝑜𝑎𝑛𝑟𝑎𝑡𝑒𝑖𝑗 , 𝐼𝑛𝑣𝑒𝑠𝑡𝑜𝑟 𝑟𝑒𝑙𝑎𝑡𝑖𝑣𝑒 𝑑𝑒𝑐𝑖𝑠𝑖𝑜𝑛 𝑡𝑖𝑚𝑒𝑖  and 𝑑𝑒𝑓𝑎𝑢𝑙𝑡𝑟𝑎𝑡𝑖𝑜𝑖𝑗  

and calculates the interaction terms in order to make the coefficients of the regression 

meaningful. 

 

[Insert Table 9 Here] 

 

Table 9 shows the results at the investor level. As more time is taken for thinking, 

less money is allocated to loans with high probabilities of default  (𝛽 = −0.109,𝑡 −

𝑠𝑡𝑎𝑡𝑖𝑠𝑡𝑖𝑐𝑠 = −1.67). Specifically, a 1% increase in investors’ RDT is associated with 

a 10.9% decrease in the amounts that are bid to loans with high default risks, which 

proves Hypothesis 2a that investors without enough decision time experience greater 

losses since they cannot avoid default risks. 

 

[Insert Table 10 Here] 

 

At the bid level, we further investigate the relationship between the allocation of 

funds and loans’ rates and the estimated default for the different RDT of each bid. When 

bids’ RDT is less than the fifth quantile, investors without enough time to think ignore 

the loan rate and default risk for each investment in column (1) of Table 10. Table 11 

shows the continuous influence of decision time on bids’ profits. The more time that is 

taken to think, the less money that is allocated to loans with high probabilities of 

default (𝛽 = −0.057, 𝑡 − 𝑠𝑡𝑎𝑡𝑖𝑠𝑡𝑖𝑐𝑠 = −5.77). 
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[Insert Table 11 Here] 

 

In conclusion, through the t-test of the loan characteristics, the regressions of the 

factors affecting the investment amount in subsamples with different investors’ decision 

time and the moderating effect analyses, our results support hypothesis 2a and 

document that investors with longer decision time are able to pay attention to the 

specific characteristics of borrowers or loans and infer loans’ defaults, which decreases 

losses. On the other hand, investors with more decision time also bid more money on 

high-rate loans, which increases earnings. These results provide new evidence to 

support that fast decision-making using heuristics or salient cues always results in 

systematic decision-making errors (Tversky and Kahneman, 1974). 

4.3 Robustness Checks 

4.3.1 Does the profit advantage of later investors continue to exist? 

This subsection performs several robustness checks to verify the estimation results 

that were reported in the previous subsections. We have found that investors have 

greater earnings as their RDT increases. Moreover, we have showed that this 

phenomenon could occur because later investors utilize more time to think and analyse 

loans’ default risks to allocate less money to bad loans and reduce losses. However, the 

deliberative, calculating system two needs more time (Rubinstein, 2007). Recent 

neuroimaging studies where the decision time was unconstrained indicate that most 

decisions are made within the first 3 seconds (Nursimulu et al., 2012; Nursimulu and 

Bossaerts, 2014). Does this impact of the RDT remain when the overall investment 

speed is too fast to allow all investors to start system 2 and analyse information?  

 To investigate whether the profit advantage of later investors still exists when the 

loan funding time is too short to cause the decision-making time of the early investors 

and the late investors to be almost the same, we divide bids into seven groups according 
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to loans’ funding time and regress formula (6) using the subsamples.   

  

[Insert Table 12 Here] 

 

 Table 12 reports the relationship between the profits and RDT for each bid in the 

different loan completion time groups. In the first group, the loans’ completion time are 

less than 10 seconds and there are 150 bids. The average real decision time for these 

bids is just 4.33 seconds. Column (1) shows that there is little significant relationship 

between the RDT and profits for each bid (𝛽 = 123.9, 𝑡 − 𝑠𝑡𝑎𝑡𝑖𝑠𝑡𝑖𝑐𝑠 = 1.90) . 

However, profits significantly increase as the RDT increases in the second group where 

loans are funded from 10 seconds to 30 seconds (𝛽 = 257.4, 𝑡 − 𝑠𝑡𝑎𝑡𝑖𝑠𝑡𝑖𝑐𝑠 = 2.93). 

Further, the significantly positive relationship remains valid in the remaining groups in 

columns (3)-(7). These different results suggest that the profit advantage only exists 

when the financing speed is slow, which means that the gap between the early and the 

late investors is large. If later investors are also forced to make quick decisions, i.e., 

loans are funded just in several seconds, they cannot obtain better profits. Again, the 

results prove Hypothesis 2 that the later investors obtain greater profits, since they 

spend more time analysing and calculating loans’ characteristics. 

4.3.2 Real Decision Time and Profits in Experiments  

To investigate whether the positive relationship between decision time and earnings 

is robust, we measure the real decision time and profits through experiments.  

We use 60 real listings that were randomly generated from the samples of this paper 

as experimental listings to build an investment experiment platform, which is called 

Thinking Tracker, on a computer that has eye-movement apparatus. Using Think ing 

Tracker, investors’ real time decision-making is measured by recording the time when 

investors submit bids. In addition, the eye-movement apparatus can help us assess 

whether the subjects read the loan information carefully before making an investment 

decision.  

The experiment recruited 37 students (19 males) from Tianjin University through 

WeChat. We randomly sampled students based on their gender and grade from hundreds 
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of students who volunteered to register. Among these students, 3 subjects who were not 

careful in the experiment (eye tracking time less than 70% of the total time) were 

excluded. Finally, the experimental sample contains 1,943 bid records, including 34 

investors (17 males and 17 females) and 60 listings. Table 13 shows the descriptive 

statistics at the bid level in the experiments. 

 

[Insert Table 13 Here] 

 

 Based on the regression equation (6), we investigate the relationship between the 

real decision time and profits in Table 14. The results report that the coefficient on real 

decision time is significantly positive (𝛽 = 6.341，𝑡 − 𝑠𝑡𝑎𝑡𝑖𝑠𝑡𝑖𝑐𝑠 = 11.69), and this 

also supports H1 after controlling for listings’ characteristics. 

 

[Insert Table 14 Here] 

 

4.3.3 Relative Decision Time based on Actual Bid Time in the Market 

We also measure the relative decision time by the actual bid time (𝑅𝐷𝑇𝐴) in the 

P2P lending market for robustness. Based on eq. (1), we use 𝑅𝐷𝑇𝐴  to measure 

investor i’s decision time for loan 𝑗, and its specific formula is as follows: 

𝑅𝐷𝑇𝐴𝑖𝑗 =
𝐴𝑐𝑡𝑢𝑎𝑙  𝐵𝑖𝑑  𝑇𝑖𝑚𝑒𝑖𝑗

  𝑙𝑜𝑎𝑛  𝑐𝑜𝑚𝑝𝑙𝑒𝑡𝑖𝑜𝑛  𝑡𝑖𝑚𝑒𝑗
                        (10) 

where 𝑅𝐷𝑇𝐴𝑖𝑗  is the fixed decision time that investor   𝑖 invests in loan 𝑗 . 

𝐴𝑐𝑡𝑢𝑎𝑙 𝐵𝑖𝑑 𝑇𝑖𝑚𝑒𝑖𝑗  is the seconds taken by the investor  𝑖  from bids open to 

investment the loan 𝑗 .  𝐿𝑜𝑎𝑛 𝐶𝑜𝑚𝑝𝑙𝑒𝑡𝑖𝑜𝑛 𝑇𝐼𝑚𝑒𝑗  is the total seconds of loan 𝑗 

funded successfully. 

Further, we use the average 𝑅𝐷𝑇𝐴𝑖𝑗 of investor i’s total investments to represent 

his or her 𝑅𝐷𝑇𝐴 at the investor level, which could reduce the error from a single 

measurement.  

𝐼𝑛𝑣𝑒𝑠𝑡𝑜𝑟 𝑅𝐷𝑇𝐴𝑖 =
∑ 𝑅𝐷𝑇𝐴𝑖𝑗

𝑛𝑢𝑚 _𝑏𝑖𝑑 𝑖
𝑛𝑢𝑚 _𝑏𝑖𝑑 𝑖 =1

𝑛𝑢𝑚 _𝑏𝑖𝑑 𝑖
                   (11) 
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where ∑ 𝑅𝐷𝑇𝐴𝑖𝑗
𝑛𝑢𝑚 _𝑏𝑖𝑑 𝑖
𝑛𝑢𝑚 _𝑏𝑖𝑑 𝑖 =1

  is the sum of all of investor 𝑖 ’s relative decision time 

measured by actual bid time. Table 15 reports the summary statistics of time-relat ive 

variables. 

 

[Insert Table 15 Here] 

 

Based on eq. (5) and eq. (6), we test the relationship between profit and relative 

decision time measured by actual bid time. In Table 16, investors’ profits significantly 

increase as investors’ 𝑅𝐷𝑇𝐴 increases (𝛽 = 177.5,𝑡 − 𝑠𝑡𝑎𝑡𝑖𝑠𝑡𝑖𝑐𝑠 = 5.33). Similar ly, 

a bid’s profits are significantly positively related to 𝑅𝐷𝑇𝐴  ( 𝛽 = 121.5, 𝑡 −

𝑠𝑡𝑎𝑡𝑖𝑠𝑡𝑖𝑐𝑠 = 7.56) in Table 17. These findings suggest that investors tend to obtain 

greater profits when they have enough time to think and support the Hypothesis 1 at the 

investor and bid levels again. 

 

[Insert Table 16 Here] 

 

[Insert Table 17 Here] 

 

Next, we investigate continuous influence of investors’ decision time on the 

allocation of funds based on eq. (9). In Table18 and Table 19, the more time that is taken 

to think, the less money that is allocated to loans with high probabilities of default at 

the investor  (𝛽 = −0.144,𝑡 − 𝑠𝑡𝑎𝑡𝑖𝑠𝑡𝑖𝑐𝑠 = −2.39) and bid levels  (𝛽 =

−0.045, 𝑡 − 𝑠𝑡𝑎𝑡𝑖𝑠𝑡𝑖𝑐𝑠 = −4.95). Our results support hypothesis 2a again and prove 

that investors with longer decision time can infer the possibility of loan default and 

decreases losses. 

 

[Insert Table 18 Here] 
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[Insert Table 19 Here] 

 

Finally, we investigate whether the profit advantage of later investors still exists on 

less loan completion time. The results of Table 20 are consistent with Section 4.3.1 

which shows that the profit advantage only exists when the financing speed is slow. 

Column (1) of Table 20 represents that there is no significant relationship between the 

RDTA and profits for each bid (𝛽 = 35.88 𝑡 − 𝑠𝑡𝑎𝑡𝑖𝑠𝑡𝑖𝑐𝑠 = 0.66). However, profits 

significantly increase as the RDT increases in the second group where loans are funded 

from 10 seconds to 30 seconds (𝛽 = 219.6,𝑡 − 𝑠𝑡𝑎𝑡𝑖𝑠𝑡𝑖𝑐𝑠 = 4.10)  and the 

significantly positive relationship remains valid in the remaining groups in columns 

(3)-(7). 

 

[Insert Table 20 Here] 

 

4.3.4 Endogenous Problem 

 Due to the potential omitted variable bias, endogenous problem likely exists and 

causes the regression results to deviate from the true value. We try to solve this problem 

with two ways. First, we add as many control variables as possible to the regressions. 

Second, we choose the lagging RDT as the instrumental variable, which is the decision 

time of the investor’s last bid. Using two-stage least squares (2SLS) to allow for 

potential endogenous.  

 To add control variables, we measure more investors’ information includ ing 

investors’ job income, job type, company size, home regions (𝐼𝑛𝑣𝑒𝑠𝑡𝑜𝑟_𝑁𝑜𝑟𝑡ℎ), 

marital status (𝐼𝑛𝑣𝑒𝑠𝑡𝑜𝑟_𝑀𝑎𝑟𝑟𝑖𝑒𝑑) , gender and the quantity of information 

certification(𝐼𝑛𝑣𝑒𝑠𝑡𝑜𝑟_𝐶𝑒𝑟𝑡); and more borrowers’ information including borrowers’ job 

type, company size, home regions(𝑁𝑜𝑟𝑡ℎ) , marital status(𝑀𝑎𝑟𝑟𝑖𝑒𝑑) , gender and the 

quantity of information certification (𝐶𝑒𝑟𝑡). The definition of added control variables 

can be found in Table A.1 of appendix. 
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[Insert Table 21 Here] 

 

 

[Insert Table 22 Here] 

 

 At the investor level, Table 21 shows investors’ profits still increase as relative 

decision time increases (𝛽 = 312.3,𝑡 − 𝑠𝑡𝑎𝑡𝑖𝑠𝑡𝑖𝑐𝑠 = 5.00 ). And investors who are 

employed by big company, have high income, and have less verified information, tend 

to make more money. At the bid level, Table 22 reports bids’ profit is positively related 

to relative decision time ( 𝛽 = 228.3, 𝑡 − 𝑠𝑡𝑎𝑡𝑖𝑠𝑡𝑖𝑐𝑠 = 6.74 ) with added control 

variables. In addition, bids’ profits increase as investors’ job income and borrowers’ 

company size increase. These results are consistent with previous main analyses and 

support Hypothesis 1.  

 For capital allocation, Table 23 and Table 24 show that the coefficients on the 

interaction of decision time and loans’ default risks are significantly negative, which 

still supports Hypothesis 2a after added control variables at the investor and bid levels.  

  

[Insert Table 23 Here] 

 

  

[Insert Table 24 Here] 

 

As a final test, we use an instrumental variables approach and verify that our results 

remain unchanged. Our instrument is simply the lagging RDT that is the relative 

decision time of the investor’s last bid. The lagging RDT significantly influence the 

present RDT (𝑖. 𝑒. 𝛽 = 0.3, 𝑡 − 𝑠𝑡𝑎𝑡𝑖𝑠𝑡𝑖𝑐𝑠 = 5.27 in Column (1) of Table 25) and is 

not related to the present regression residual. Column (2) of Table 25 shows the second 

stage of 2SLS, the relationship between instrumented RDT and profits is significantly 

positive (β = 585.292, t − statistics = 3.34). Further, we perform the Hausman (1978) 

test for endogenous and the Stock and Yogo (2002) tests for weak instruments. Results 
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of Hauseman test (𝐶ℎ𝑖2 = 146.74, 𝑝 = 0.00  ) imply that RDT is an endogenous 

variable. Moreover, Stock and Yogo (2002) test proves our instrumental variable, 

namely the lagging RDT is strong (𝐶𝑎𝑟𝑔𝑔 − 𝐷𝑜𝑛𝑎𝑙𝑑 𝑊𝑎𝑙𝑑 𝐹 − 𝑆𝑡𝑎𝑡𝑖𝑠𝑡𝑖𝑐𝑠 =

145.19, 10% 𝑚𝑎𝑥𝑖𝑚𝑎𝑙 𝐼𝑉 𝑠𝑖𝑧𝑒 𝑜𝑓 𝑆𝑡𝑜𝑐𝑘 − 𝑌𝑜𝑔𝑜  𝑡𝑒𝑠𝑡 𝑐𝑟𝑖𝑡𝑖𝑐𝑎𝑙 𝑣𝑎𝑙𝑢𝑒𝑠 =

 16.38).   

For capital allocation, the coefficient estimates on 𝐼𝑛𝑠𝑡𝑟𝑢𝑚𝑒𝑛𝑡𝑒𝑑 𝑅𝐷𝑇 ∗

𝑑𝑒𝑓𝑎𝑢𝑙𝑡𝑟𝑎𝑡𝑖𝑜  are significantly negative  (𝛽 = −0.145,𝑡 − 𝑠𝑡𝑎𝑡𝑖𝑠𝑡𝑖𝑐𝑠 = −1.76) in 

Table 26. These results verify our main analyses that investors’ earnings increase as 

decision time increases and investors without enough time fail to reduce their allocation 

of funds to high-risk loans. 

 

5. Conclusions 

Technological improvements accelerate trading speed in the financial market. This 

paper uses investment data to investigate the impacts of decision time on investors ’ 

profits and portfolio strategies. Our research shows that investors’ earnings increase as 

their decision time increases. By comparing the characteristics of the loans that are 

chosen by investors under different decision time, we find that investors without enough 

time tend to choose loans with higher rates and pay less attention to the default risk 

factors. For example, investors tend to choose loans with fewer words in their 

description. Finally, we regress the investment amount with the loans’ rates and default 

risks. The results suggest that investors without enough time only focus on loans’ rates 

and do not reduce their allocation of funds to high-risk loans.  

Our findings emphasize that the reduction of investors' decision-making time 

results in investors' inability to carefully analyse the characteristics of loans to avoid 

potential default loans and the blind pursuit of high profits. Thus, investors lose mone y 

and cannot effectively allocate funds to high-quality loans, which decreases the fund 

allocation efficiency in the P2P credit market and increases the market’s systematic risk.  

Considering that investors play important roles in screening loans and allocating 

funds to loans in P2P lending markets, it is necessary to design a better mechanism in 

order to ensure that investors have more time to think, analyse loans’ information and 

Jo
ur

na
l P

re
-p

ro
of

Journal Pre-proof



 

select loans with low default risks. Similarly, in other financial markets where people 

make investment decisions, the blind pursuit of rapid trading and lack of no time to 

analyse the trading risks will bring losses to investors and increase the systematic risks 

in the market. 

 

This work is supported by the National Natural Science Foundation of China (71661137001, 
71790594, 71671120, and 71201113). 
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Figure 1 Standard Deviation of Investors’ RDT and Num of Bids 

 

This figure reports that the standard deviation of investors’ RDT decreases as the number of bids 

increases. We divide each investor’s total RDT into ten groups based on his or her num of bids and 

calculate the standard deviation in each group. For example, if an investor bids on 120 loans in the 

market, the first twelve bids are divided into the first group. 

 

Table 1 The Sd of Investors’ RDT and Number of Bids  

Group N Average Number of Bids Average Standard Deviation  

1 3585 10.837 0.263 

2 3109 36.280 0.265 

3 3050 62.692 0.257 

4 3131 87.038 0.268 

5 3187 111.975 0.259 

6 2985 143.876 0.263 

7 3057 165.592 0.262 

8 3124 185.620 0.260 

9 3035 213.294 0.262 

10 3448 213.581 0.253 

Diff（1-10）   0.009 

T-value of Diff   （5.07） 

Notes: This table reports the specific average value of the standard deviation of investors’ RDT 

and number of bids. We divide each investor’s all RDT into ten groups by his or her num of bids 

and calculate standard deviation in each group. For example, an investor bids 120 loans in the 

market, the first twelve bids are divided into the first group.  

 

Table 2 Definition of variables  
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Variable Name Variable Definition 

order The order of investor i among the investors who bid on loan j. 

num_bid The total number of bids for investor i. 

num_investor The total number of investors who bid on loan j.  

RDT 

The fixed decision order for investor i that invests in loan j. 

𝑅𝐷𝑇 =
𝑜𝑟𝑑𝑒𝑟𝑖𝑗

 𝑛𝑢𝑚_𝑖𝑛𝑣𝑒𝑠𝑡𝑜𝑟𝑗
 

Investor RDT 

The average of investor i’s relative decision time for all bids. 

𝐼𝑛𝑣𝑒𝑠𝑡𝑜𝑟 𝑅𝐷𝑇𝑖 =
∑ 𝑅𝐷𝑇𝑖𝑗

𝑛𝑢𝑚_𝑏𝑖𝑑 𝑖
𝑛𝑢𝑚_𝑏𝑖𝑑 𝑖=1

𝑛𝑢𝑚_𝑏𝑖𝑑 𝑖
 

profit 

The profits from a bid are the interest that investor i obtains after 

investing in loan j if loan j completes repayment or that investor  i 

should have gotten if loan j defaulted. 

profit 𝑖𝑗 = 𝐼𝑑𝑒𝑓𝑎𝑢𝑙𝑡𝑗
∗ 𝑏𝑖𝑑𝑎𝑚𝑜𝑢𝑛𝑡𝑖𝑗 ∗ 𝑙𝑜𝑎𝑛𝑟𝑎𝑡𝑒𝑗 

Investor_profit 

The average profits for investor i’s bids. 

Investor_profit 𝑖 =
∑ 𝑝𝑟𝑜𝑓𝑖𝑡𝑖𝑗

𝑛𝑢𝑚_𝑏𝑖𝑑𝑖
𝑛𝑢𝑚_𝑏𝑖𝑑𝑖=1

𝑛𝑢𝑚_𝑏𝑖𝑑𝑖
 

bidamount The amount that investor i bid on loan j. 

BidAmountAccuml 
The accumulative investment as of the previous investor for loan j 

that is bid on by investor i. 

Investor_BidAmountAccuml 
The average accumulative investment as of the previous investor 

for all bids by investor i. 

Port_RiskyShare 
The proportion of the highest risk loans in the portfolio that is held 

by investor i. 

Port_RiskyKind 
The number of types of loan risk levels in the portfolio that is held 

by investor i. 

Port_Rate The average loan rates in the portfolio that is held by investor i. 

Port_Duration 
The average loan duration in the portfolio that is held by 

investor i. 

Port_Amount 
The average natural logarithm of the loan amount in the portfolio 

that is held by investor i. 

Port_descripZW 
The average number of Chinese words in the loan descriptions in 

the portfolio that is held by investor i. 

Port_Age 
The average borrower’s age in the portfolio that is held by investor 

i. 

Port_Jobincome 
The average natural logarithm of the borrower’s job income in the 

portfolio that is held by investor i. 

Port_Edu 
The average borrower’s education level in the portfolio that is held 

by investor i. 

Investor_Fin 
An indicator variable that equals one if the investor’s job is in the 

financial industry and it is zero otherwise. 
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Table 2, continued. 

Variable Name Variable Definition 

Investor_Edu 

The education level of investors at the time when the 

listing is created. Education level takes on values between 

1 (low level) and 4 (high level). 

Investor_Asset 

An indicator variable that equals one if the investor is 

confirmed to have a car, house and no loans, and it is zero 

otherwise. 

Investor_Age The age of the investors. 

Experience 
The accumulative number of bids for investor i at the time 

that investor i bid on loan j. 

loanrate The rate that the borrower pays on the loan. 

loanduration 

The duration is the number of months from the date that 

borrowers get loans to the time when the principal and 

the interest of the loan should be fully repaid. 

credit 
The credit grade of the borrower. The credit grade takes 

on values between 1 (high risk) and 7 (low risk). 

ln_loanamount The natural logarithm of the requested loan amount. 

age 
The age of the borrower at the time when the listing is 

created. 

ln_jobincome 
The natural logarithm of borrower's job income at the time 

when the listing is created. 

edudegree 

The education level of borrower at the time when the 

listing is created. Education level takes on values between 

1(low level) and 4 (high level) 

car 

An indicator variable that equals one if the borrower is 

confirmed to have a car at the time when the listing is 

created and it is zero otherwise. 

carloan 

An indicator variable that equals one if the borrower is 

confirmed to have a car loan at the time when the listing 

is created and it is zero otherwise. 

house 

An indicator variable that equals one if the borrower is a 

confirmed homeowner at the time when the listing is 

created and it is zero otherwise. 

houseloan 

An indicator variable that equals one if the borrower is 

confirmed to have a house loan at the time when the listing 

is created and it is zero otherwise. 

descrip_ZWlng 
The number of Chinese words that are used by the 

borrower in the loan description. 

 

Table 3 Summary Statistics  

Variable N Mean Std. dev. p1 p50 p99 

Investor Level       
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Investor_Profit 2393 76.452 218.078 2.250 22.786 1000 

Investor RDT 2393 0.569 0.188 0.109 0.556 1 

Investor_BidAmountAccuml 2393 0.549 0.217 0.030 0.536 0.992 

Port_RiskyShare 2393 0.319 0.348 0 0.210 1 

Port_RiskyKind 2393 2.784 1.944 1 2 7 

Port_Rate 2393 12.676 1.778 9 12.714 18.700 

Port_Duration 2393 9.533 4.149 3 9 24 

Port_Amount 2393 10.550 1.123 8.006 10.461 12.817 

Port_descripZW 2393 66.502 43.400 14 57.647 254 

Port_Age 2393 37.130 6.002 25 37 53 

Port_Jobincome 2393 9.716 0.858 7.824 9.802 10.820 

Port_Edu 2393 2.058 0.609 1 2 4 

Investor_Fin 2393 0.094 0.293 0 0 1 

Investor_Edu 2393 2.415 0.876 1 3 4 

Investor_Asset 2393 0.130 0.337 0 0 1 

Investor_Age 2393 32.801 6.201 23 32 52 

Num_bid 2393 20.421 64.796 1 3 348 

Bid Level       

Profit 38153 81.014 297.048 -192 22.500 1300 

RDT 38153 0.518 0.284 0.025 0.509 1 

default 38153 0.091 0.288 0 0 1 

BidAmountAccuml 38153 0.483 0.310 0.004 0.480 0.995 

Experience 38153 101.189 149.146 0 39 733 

loanrate 38153 13.677 2.434 8 13 22 

loanduration 38153 9.451 5.266 3 9 24 

credit 38153 2.984 1.849 1 3 7 

ln_loanamount 38153 10.608 1.510 8.006 10.820 13.122 

age 38153 38.213 8.200 25 37 62 

ln_jobincome 38153 9.774 1.123 7.313 10.463 10.820 

edudegree 38153 2.008 0.882 1 2 4 

car 38153 0.638 0.481 0 1 1 

carloan 38153 0.085 0.279 0 0 1 

house 38153 0.656 0.475 0 1 1 

houseloan 38153 0.190 0.392 0 0 1 

descrip_ZWlng 38153 72.387 64.415 0 53 331 

 

Table 4 Investors’ Relative Decision Time and Profits 

 (1) (2) (2) 

 Investor_Profit Investor_Profit Investor_Profit 

Investor RDT  264.100*** 264.100*** 
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  (9.34) (5.03) 

Investor_BidAmountAccuml -59.590*** -251.600*** -251.600*** 

 (-4.46) (-10.31) (-5.80) 

Port_RiskyShare -6.499 -1.987 -1.987 

 (-0.74) (-0.23) (-0.22) 

Port_RiskyKind -4.695** -3.615* -3.615** 

 (-2.47) (-1.93) (-2.12) 

Port_Rate -0.582 -1.506 -1.506 

 (-0.29) (-0.76) (-0.76) 

Port_Duration -0.064 0.559 0.559 

 (-0.08) (0.72) (0.70) 

Port_Age -0.481 -0.714 -0.714 

 (-0.78) (-1.17) (-1.12) 

Port_Jobincome -4.626 -4.346 -4.346 

 (-0.91) (-0.87) (-0.79) 

Port_Edu -6.828 -5.958 -5.958 

 (-1.38) (-1.23) (-1.00) 

Port_descripZW -0.242*** -0.258*** -0.258*** 

 (-3.17) (-3.44) (-4.07) 

Port_Amount 16.390*** 20.610*** 20.610*** 

 (3.92) (4.98) (4.60) 

Investor_Fin -15.130 -15.850 -15.850* 

 (-1.53) (-1.63) (-1.91) 

Investor_Edu 17.860*** 19.670*** 19.670*** 

 (5.33) (5.96) (5.90) 

Investor_Asset 27.730*** 27.700*** 27.700*** 

 (3.19) (3.24) (2.69) 

Investor_Age 1.357*** 1.153** 1.153** 

 (2.72) (2.35) (2.34) 

num_bid 0.029 0.061 0.061 

 (0.40) (0.87) (1.33) 

Constant -45.280 -126.700*** -126.700*** 

 (-0.96) (-2.69) (-2.67) 

Robust cluster-Investor NO NO YES 

Adjusted R2 0.037 0.071 0.071 

Number of observations 2393 2393 2393 

 

Table 5 Bids’ Relative Decision Time and Profits  

 (1) (2) (3) 

 Profit Profit Profit 
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RDT  213.200*** 213.200*** 

  (30.52) (6.73) 

BidAmountAccuml -39.230*** -211.600*** -211.600*** 

 (-12.87) (-33.06) (-7.36) 

Experience 0.013* 0.018*** 0.018 

 (1.92) (2.62) (0.43) 

loanrate 8.747*** 8.881*** 8.881*** 

 (18.67) (19.19) (7.27) 

loanduration -2.111*** -2.086*** -2.086*** 

 (-9.75) (-9.76) (-5.61) 

credit 9.105*** 9.211*** 9.211*** 

 (14.83) (15.19) (8.62) 

ln_loanamount 12.940*** 16.910*** 16.910*** 

 (13.07) (17.13) (5.64) 

age -0.468*** -0.500*** -0.500*** 

 (-3.38) (-3.66) (-2.59) 

ln_jobincome 0.416 0.671 0.671 

 (0.35) (0.57) (0.45) 

edudegree 3.301*** 3.500*** 3.500** 

 (2.89) (3.10) (2.08) 

descrip_ZWlng -0.044*** -0.041*** -0.041* 

 (-2.81) (-2.66) (-1.82) 

Investor Characteristics YES YES YES 

Borrower Asset YES YES YES 

Year YES YES YES 

Robust cluster-Borrowers and 

Investors 
NO NO YES 

Constant -224.100*** -305.700*** -305.700*** 

 (-16.42) (-22.24) (-16.58) 

Adjusted R2 0.043 0.066 0.066 

Number of observations 38153 38153 38153 

Notes. This table reports the estimation results of the relationship between RDT and the profits for 

each bid. Investor Characteristics includes Investor_Fin, Investor_Edu, Investor_Asset, and 

Investor_Age; and borrowers’ asset include car, carloan, house and houseloan. Standard Errors are 

adjusted for clusters in borrowers and investors. The t statistics in parentheses. * p<0.1; ** 

p<0.05; *** p<0.01. 

Table 6 Loan Characteristics and Investors’ Relative Decision Time  

 Fast Slow Fast-Slow 

Variables N Mean N Mean MeanDiff 

loanrate 11679 13.818 11369 13.351 0.467*** 
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default 11679 0.097 11369 0.086 0.011*** 

loanduration 11679 8.920 11369 9.485 -0.565*** 

credit 11679 2.834 11369 3.027 -0.193*** 

ln_loanamount 11679 10.335 11369 10.686 -0.351*** 

jobincome 11679 5.214 11369 5.387 -0.173*** 

age 11679 37.367 11369 38.250 -0.883*** 

edudegree 11679 2.022 11369 2.013 0.01 

car 11679 0.601 11369 0.651 -0.050*** 

carloan 11679 0.087 11369 0.089 -0.002 

house 11679 0.640 11369 0.666 -0.026*** 

houseloan 11679 0.197 11369 0.196 0.001 

descrip_ZWlng 11679 67.602 11369 72.035 -4.433*** 

Notes. This table compares the characteristics of loans under different investors’ RDT. The fast 

group is the loans that are invested in by investors whose RDT is in the bottom 30% of our 

sample. The slow group is the loans that are invested in by investors whose RDT is in the top 30% 

of our sample. * p<0.1; ** p<0.05; *** p<0.01. 

 

Table 7 Loans’ Characteristics and Default 

 (1) 

 default 

loanduration 0.132*** 

 (17.26) 

credit -2.303*** 

 (-15.76) 

ln_loanamount 0.420*** 

 (5.38) 

age 0.028*** 

 (3.20) 

ln_jobincome 0.110* 

 (1.84) 

edudegree -0.289*** 

 (-3.59) 

car_cd -0.158 

 (-1.03) 

carloan -0.0296 

 (-0.16) 

house -0.176 

 (-1.18) 

houseloan -0.224 

 (-1.26) 

descrip_ZWlng 0.001 

 (0.86) 

Year YES 

Robust cluster-Borrowers YES 
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Constant -7.060*** 

 (-9.08) 

Pseudo R2    0.434 

Number of observations 38153 

Notes. This table reports the logistic estimation results of the relationship between loans’ 

characteristics and defaults. Standard Errors are adjusted for clusters in borrowers. The t statistics 

are in parentheses. * p<0.1; ** p<0.05; *** p<0.01. 

Table 8 Investors’ Capital Allocation and Investors’ Relative Decision Time  

 (1) (2) (3) (4) (5) (6) 

Investor RDT <p5 <p25 <p50 <p75 <p95 p100 

 
bidamo

unt 

bidamou

nt 

bidamo

unt 

bidamo

unt 

bidamo

unt 

bidamo

unt 

loanrate 
0.001 0.003*** 0.003**

* 

0.003**

* 

0.003**

* 

0.003**

* 

 (0.58) (2.62) (2.68) (2.87) (3.25) (2.99) 

defaultratio 

-0.02 -

0.026*** 

-

0.027**

* 

-

0.023**

* 

-

0.024**

* 

-

0.024**

* 

 (-1.13) (-3.42) (-4.61) (-5.43) (-6.17) (-6.27) 

BidAmountAccuml 

-0.005 -

0.010*** 

-

0.016**

* 

-

0.016**

* 

-

0.020**

* 

-

0.021**

* 

 (-0.91) (-2.94) (-4.94) (-6.06) (-7.75) (-8.42) 

Investor_Fin 

-

0.031**

* 

-

0.011*** 

-

0.007**

* 

-

0.004**

* 

-

0.006**

* 

-

0.006**

* 

 (-3.47) (-1.22) (-1.03) (-0.80) (-1.19) (-1.33) 

Investor_Edu 
0.023**

* 

0.010*** 0.004**

* 

0.002**

* 

0.002**

* 

0.002**

* 

 (3.13) (2.16) (1.15) (1.00) (0.87) (0.95) 

Investor_Asset -0.006 0.014 -0.002 0.003 0.011 0.013* 

 (-0.62) (0.96) (-0.28) (0.59) (1.64) (1.94) 

Investor_Age -0.001 -0.0001 0.00009 0.0003 0.0001 0.0002 

 (-1.59) (-0.28) (0.24) (1.22) (0.51) (0.56) 

Experience 

-

0.00002 

-

0.00004*

** 

0.00000

7 

0.00000

09 

0.00003 0.00002 

 (-0.74) (-3.29) (0.46) (0.07) (1.07) (0.94) 

Year YES YES YES YES YES YES 

Robust cluster-Borrowers and 

Investors 
YES YES YES YES YES YES 

Constant -0.006 -0.013 0.007 0.003 0.009 0.014 

 (-0.15) (-0.63) (0.34) (0.15) (0.55) (0.95) 

Adjusted R2 0.090 0.077 0.072 0.080 0.093 0.093 
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Number of observations 1636 9485 18996 28585 36245 38153 

 

 

Table 9 The moderation effect of Investors’ Relative Decision Time  

 (1) 

 bidamount 

Investor RDT 0.039 

 (1.15) 

loanrate 0.003*** 

 (2.97) 

loanrate*Investor RDT 0.002 

 (0.25) 

defaultratio -0.024*** 

 (-6.09) 

defaultratio*Investor RDT -0.109* 

 (-1.67) 

BidAmountAccuml -0.024*** 

 (-6.37) 

Experience 0.00003 

 (1.07) 

Investor_Fin -0.005 

 (-1.35) 

Investor_Edu 0.002 

 (1.02) 

Investor_Asset 0.012* 

 (1.96) 

Investor_Age 0.0002 

 (0.81) 

Year YES 

Robust cluster-Borrowers and Investors YES 

Constant 0.049*** 

 (4.53) 

Adjusted R2 0.095 

Number of observations 38153 

Notes: This table reports the moderating effect of investors’ RDT on capital allocation with 

respect to loans’ interest rates and default ratios . The loanrate, defaultratio and Investor RDT are 

centralized to make the coefficients of the interaction terms meaningful. Standard Errors are 

adjusted for clusters in borrowers and investors. The t statistics in parentheses. * p<0.1; ** 

p<0.05; *** p<0.01. 

Table 10 Bids’ Capital Allocation and Bids’ Relative Decision Time  

 (1) (2) (3) (4) (5) (6) 

Bid RDT <p5 <p25 <p50 <p75 <p95 p100 
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bidamo

unt 

bidamo

unt 

bidamo

unt 

bidamo

unt 

bidamo

unt 

bidamo

unt 

loanrate 0.0003 
0.002**

* 

0.003**

* 

0.003**

* 

0.003**

* 

0.003**

* 

 (0.65) (2.42) (3.39) (3.17) (3.15) (2.99) 

defaultratio 0.004 

-

0.016**

* 

-

0.026**

* 

-

0.023**

* 

-

0.022**

* 

-

0.024**

* 

 (1.23) (-3.59) (-5.42) (-5.70) (-6.06) (-6.27) 

BidAmountAccuml -0.004 -0.009 

-

0.013**

* 

-

0.020**

* 

-

0.023**

* 

-

0.021**

* 

 (-0.45) (-1.61) (-3.63) (-6.97) (-9.13) (-8.42) 

Investor_Fin -0.002 -0.003 -0.005 -0.005 -0.004 -0.006 

 (-1.22) (-0.70) (-1.17) (-1.31) (-1.16) (-1.33) 

Investor_Edu -0.0001 0.002 0.001 0.002 0.001 0.002 

 (-0.10) (0.83) (0.73) (0.91) (0.80) (0.95) 

Investor_Asset 0.003 0.006 0.009 0.009 0.009* 0.013* 

 (1.02) (1.27) (1.64) (1.60) (1.77) (1.94) 

Investor_Age 0.00004 0.00005 0.0002 0.0002 0.0003 0.0002 

 (0.49) (0.26) (0.74) (0.97) (1.09) (0.56) 

Experience 
0.00000

2 

0.00000

4 
0.00001 0.00001 0.00001 0.00002 

 (0.52) (0.28) (0.69) (0.72) (0.69) (0.94) 

Year YES YES YES YES YES YES 

Robust cluster-Borrowers and 

Investors 
YES YES YES YES YES YES 

Constant 0.004 -0.004 -0.013 -0.001 0.006 0.014 

 (0.56) (-0.26) (-0.77) (-0.07) (0.39) (0.95) 

Adjusted R2 0.018 0.060 0.076 0.079 0.084 0.093 

Number of observations 1906 9451 19076 28604 36238 38153 

 

Table 11 The Moderating Effect of Bids’ Relative Decision Time  

 (1) 

 bidamount 

Bid RDT 0.184*** 

 (7.92) 

loanrate 0.003*** 

 (3.65) 

loanrate*Bid RDT 0.001 

 (0.53) 

defaultratio -0.021*** 

 (-5.93) 

defaultratio*Bid RDT -0.057*** 
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 (-5.77) 

BidAmountAccuml -0.175*** 

 (-8.04) 

Experience 0.00002 

 (1.18) 

Investor_Fin -0.005 

 (-1.30) 

Investor_Edu 0.002 

 (1.06) 

Investor_Asset 0.010* 

 (1.86) 

Investor_Age 0.0002 

 (0.82) 

Year YES 

Robust cluster-Borrowers and Investors YES 

Constant 0.076*** 

 (4.82) 

Adjusted R2 0.213 

Number of observations 38153 

Notes: This table reports the moderating effect of bids’RDT on capital allocation with respect to 

loans’ interest rates and default ratios. The loanrate, defaultratio and Investor RDT are centralized 

to make the coefficients of the interaction terms meaningful. Standard Errors are adjusted for 

clusters in borrowers and investors. The t statistics in parentheses. * p<0.1; ** p<0.05; *** 

p<0.01. 

 

 

Table 12 Loans’ Completed Bidding Time and the Effect of Relative Decision Time  

 (1) (2) (3) (4) (5) (6) (7) 

Loans’ Completed 

Bidding Time 
(0,10s] 

(10,30s

] 

(30,60s

] 

(60s,1h

] 
(1h,1d] (1d,3d] (3d, +) 

 Profit Profit Profit Profit Profit Profit Profit 

RDT 
123.90

0* 

257.40

0*** 

234.60

0*** 

223.40

0*** 

207.80

0*** 

148.00

0*** 

331.30

0*** 

 (1.90) (2.93) (3.41) (7.25) (6.31) (4.15) (3.32) 

BidAmountAccuml 

-

250.80

0*** 

-

306.20

0*** 

-

267.90

0*** 

-

210.00

0*** 

-

206.70

0*** 

-

144.90

0*** 

-

304.30

0*** 

 (-3.31) (-3.99) (-4.79) (-7.54) (-6.41) (-3.73) (-3.11) 

Investor_Fin 41.360 -20.550 -23.900 -9.377 22.070 13.480 9.500 

 (0.98) (-0.92) (-1.12) (-0.81) (1.52) (0.76) (0.34) 

Investor_Edu -1.491 6.308 -1.196 -2.321 -2.859 -2.258 9.422 

 (-0.07) (0.64) (-0.18) (-0.41) (-0.42) (-0.26) (1.02) 
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Investor_Asset -78.960 -5.307 25.860 
45.090

*** 

42.350

** 

43.850

* 
10.290 

 (-1.52) (-0.22) (1.38) (3.33) (2.32) (1.83) (0.35) 

Investor_Age 0.383 -1.364 -0.486 1.063 
2.036*

* 

3.238*

** 

4.377*

* 

 (0.12) (-1.36) (-0.69) (1.61) (2.37) (2.59) (2.08) 

Experience 
0.290*

** 
0.033 -0.030 -0.024 0.028 0.049 0.189 

 (3.26) (0.67) (-0.89) (-0.84) (0.55) (0.63) (1.17) 

loanrate 
18.660

** 
5.794* 

14.410

*** 

11.400

*** 

6.304*

** 

4.179*

** 

3.423*

* 

 (2.09) (1.81) (3.51) (7.03) (5.26) (2.60) (1.98) 

loanduration -9.937 -1.751 

-

3.868*

** 

-

2.961*

** 

-0.382 -0.458 -0.812 

 (-1.59) (-1.52) (-3.63) (-5.32) (-0.63) (-0.52) (-0.66) 

credit -2.592 7.134* 
13.060

*** 

11.190

*** 

7.759*

** 
4.807* 4.516 

 (-0.36) (1.77) (4.51) (7.34) (5.04) (1.84) (1.28) 

ln_loanamount 
148.50

0*** 

41.280

*** 

52.310

*** 

21.940

*** 

21.700

*** 

23.450

*** 

18.290

*** 

 (2.94) (3.26) (4.49) (7.70) (5.56) (5.18) (3.26) 

Table 12, continued 

 (1) (2) (3) (4) (5) (6) (7) 

Loans’ Completed 

Bidding Time 
(0,10s] 

(10,30

s] 

(30,60s

] 

(60s,1h

] 
(1h,1d] (1d,3d] (3d, +) 

 Profit Profit Profit Profit Profit Profit Profit 

age 

-

7.501*

** 

0.029 

-

2.524*

** 

0.044 
-

0.672* 
-0.463 

-

1.002* 

 (-2.84) (0.03) (-3.83) (0.18) (-1.95) (-0.94) (-1.65) 

ln_jobincome 
34.950

** 

-

8.919

* 

-

13.490

*** 

-1.645 2.143 4.160 0.481 

 (2.27) 
(-

1.66) 
(-2.66) (-0.97) (0.71) (1.29) (0.09) 

edudegree 5.047 
19.40

0** 
4.705 

5.326*

* 
-0.894 3.420 -3.880 

 (0.20) (2.42) (0.93) (2.21) (-0.32) (0.97) (-0.81) 

descrip_ZWlng -0.085 -0.130 0.105 -0.011 
-

0.051* 
0.020 0.050 

 (-0.10) 
(-

1.06) 
(0.91) (-0.25) (-1.81) (0.44) (0.83) 

Borrower Asset YES YES YES YES YES YES YES 
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Year YES YES YES YES YES YES YES 

Robust cluster-

Borrowers and 

Investors 

YES YES YES YES YES YES YES 

Constant 

-

1366.2

00** 

-

269.9

00** 

-

340.70

0*** 

-

364.40

0*** 

-

332.70

0*** 

-

393.80

0*** 

-

375.30

0*** 

 (-2.34) 
(-

2.31) 
(-3.68) (-7.96) (-5.74) (-4.78) (-3.08) 

Adjusted R2 0.201 0.124 0.174 0.082 0.072 0.064 0.082 

Number of 

observations 
192 1517 2194 14903 11011 5417 2919 

Notes: This table reports the relationship between profits and the relative decision time for each bid 

in different loan completed bidding time groups. Borrowers’ assets include the car, carloan, house 

and houseloan variables. Standard Errors are adjusted for clusters in borrowers and investors. The t 

statistics in parentheses.  * p<0.1; ** p<0.05; *** p<0.01. 

Table 13 Descriptive Statistics at the Bid Level in the Experiments 

variable  N mean sd p1 p50 p99 

Bid_profit 1913 102.229 155.069 -217.500 75 607.500 

dectime 1943 18.435 7.726 3 18 30 

loanrate 1943 14.249 3.652 8 13.2 24 

loanduration 1943 9.137 7.381 1 6 36 

credit 1943 2.578 2.156 1 1 7 

ln_loanamount 1943 9.645 1.775 8.001 8.987 14.914 

age 1943 37.187 7.570 25 36 62 

ln_jobincome 1943 9.127 1.282 7.313 8.923 10.820 

edudegree 1943 2.430 0.986 1 2 4 

car 1943 0.412 0.492 0 0 1 

carloan 1943 0.030 0.170 0 0 1 

house 1943 0.653 0.476 0 1 1 

houseloan 1943 0.192 0.394 0 0 1 

descrip_ZWlng 1943 79.478 48.769 17 67 276 

 

Table 14 Real Decision time and Profits in the Experiments 

 (1) (2) 

 Profit Profit 

dectime_Exp  6.341*** 

  (11.69) 

loanrate 4.917*** 4.857*** 

 (4.38) (4.48) 

loanduration -0.919* -1.134** 
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 (-1.78) (-2.27) 

credit 28.880*** 26.200*** 

 (12.87) (12.02) 

ln_loanamount -13.320*** -15.100*** 

 (-3.67) (-4.31) 

age -2.384*** -2.166*** 

 (-4.45) (-4.19) 

ln_jobincome 16.610*** 15.700*** 

 (4.13) (4.04) 

edudegree 12.810*** 8.054** 

 (3.30) (2.14) 

car 13.820 15.150* 

 (1.52) (1.72) 

carloan -27.130 -39.400* 

 (-1.20) (-1.80) 

house 40.290*** 32.820*** 

 (4.09) (3.44) 

houseloan -5.881 -4.792 

 (-0.54) (-0.45) 

descrip_ZWlng -0.082 -0.120 

 (-1.04) (-1.57) 

Investor Characteristics Yes Yes 

Constant 72.890 8.523 

 (1.53) (0.18) 

Adjusted R² 0.152 0.210 

Number of observations 1913 1913 

Notes: This table shows the relationship between real decision time and profits in the experiments. 

Investor Characteristics includes Investor_Fin, Investor_Edu, Investor_Asset, and Investor_Age.  

The t statistics in parentheses. * p<0.1; ** p<0.05; *** p<0.01. 

 

Table 15 Summary Statistics of Time-Relative Variables 

Variable N Mean Std. dev. p1 p50 p99 

Investor Level       

Investor RDTA 2393 0.580 0.199 0.067 0.568 1  

Bid Level       

RDTA 38153 0.518 0.310 0.004 0.517 1  

Actual Bid Time (Seconds) 38153 31506.030 70196.390 5 1177 367484 

Loan Completion Time 

(Seconds) 
38153 58419.040 105472.100 14 3878 490105 
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Table 16 Investors’ Profits and Relative Decision Time Measured by Actual Bid Time  

 (1) 

 Investor_Profit 

Investor RDTA 177.500*** 

 (5.33) 

Investor_BidAmountAccuml -179.900*** 

 (-6.37) 

Port_RiskyShare -4.182 

 (-0.46) 

Port_RiskyKind -4.124** 

 (-2.39) 

Port_Rate -2.127 

 (-1.04) 

Port_Duration 0.349 

 (0.44) 

Port_Age -0.603 

 (-0.94) 

Port_Jobincome -3.586 

 (-0.65) 

Port_Edu -5.975 

 (-0.99) 

Port_descripZW -0.262*** 

 (-4.10) 

Port_Amount 22.610*** 

 (4.86) 

Investor_Fin -16.320** 

 (-1.99) 

Investor_Edu 18.640*** 

 (5.64) 

Investor_Asset 27.940*** 

 (2.69) 

Investor_Age 1.216** 

 (2.46) 

num_bid 0.050 

 (1.10) 

Constant -138.000*** 

 (-2.81) 

Robust cluster-Investors YES 

Adjusted R2 0.063 

Number of observations 2393 
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Table 17 Bids’ Profits and Relative Decision Time Measured by Actual Bid Time  

 (1) 

 Profit 

RDTA 121.500*** 

 (7.56) 

BidAmountAccuml -132.000*** 

 (-8.64) 

Experience 0.020 

 (0.46) 

loanrate 8.086*** 

 (6.63) 

loanduration -2.013*** 

 (-5.40) 

credit 9.314*** 

 (8.44) 

ln_loanamount 18.480*** 

 (6.04) 

age -0.494** 

 (-2.57) 

ln_jobincome 0.341 

 (0.22) 

edudegree 2.855* 

 (1.67) 

descrip_ZWlng -0.048** 

 (-2.10) 

Investor Characteristics YES 

Borrower Asset YES 

Year YES 

Robust cluster-Borrower and Investors YES 

Constant -289.700*** 

 (-6.33) 

Adjusted R2 0.059 

Number of observations 38153 

Notes. This table reports the estimation results of the relationship between relative decision time 

measured by actual bid time and profits for each bid. Investor Characteristics includes Investor_Fin, 

Investor_Edu, Investor_Asset, and Investor_Age; and borrowers’ asset include car, carloan, house 

and houseloan. Standard Errors are adjusted for clusters in borrowers and investors. The t statistics 

in parentheses. * p<0.1; ** p<0.05; *** p<0.01. 

 

 

Table 18 The Moderation Effect of Investors’ RDT Measured by Actual Bid Time  
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 (1) 

 bidamount 

Investor RDTA 0.096*** 

 (3.14) 

loanrate 0.003*** 

 (3.20) 

loanrate*Investor RDTA 0.004 

 (0.42) 

defaultratio -0.024*** 

 (-6.32) 

defaultratio*Investor RDTA -0.144** 

 (-2.39) 

BidAmountAccuml -0.028*** 

 (-8.17) 

Experience 0.00003 

 (1.46) 

Investor_Fin -0.005 

 (-1.19) 

Investor_Edu 0.002 

 (0.96) 

Investor_Asset 0.011* 

 (1.88) 

Investor_Age 0.0002 

 (1.04) 

Year YES 

Robust cluster-Borrowers and Investors YES 

Constant 0.049*** 

 (4.81) 

Adjusted R2 0.107 

Number of observations 38153 

Notes: This table reports the moderating effect of investors’ relative decision time measured by 

actual bid time on capital allocation with respect to loans’ interest rates and default ratios . The 

loanrate, defaultratio and Investor RDTA are centralized to make the coefficients of the interaction 

terms meaningful. Standard Errors are adjusted for clusters in borrowers and investors. The t 

statistics in parentheses. * p<0.1; ** p<0.05; *** p<0.01. 

 

Table 19 The Moderation Effect of Bids’ RDT Measured by Actual Bid Time 

 (1) 

 bidamount 

RDTA 0.114*** 

 (9.86) 

loanrate 0.002*** 

 (2.87) 

loanrate* RDTA -0.001 
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 (-0.59) 

defaultratio -0.018*** 

 (-5.47) 

defaultratio* RDTA -0.045*** 

 (-4.95) 

BidAmountAccuml -0.108*** 

 (-10.33) 

Experience 0.00003 

 (1.18) 

Investor_Fin -0.005 

 (-1.26) 

Investor_Edu 0.002 

 (0.90) 

Investor_Asset 0.011* 

 (1.88) 

Investor_Age 0.0001 

 (0.57) 

Year YES 

Robust cluster-Borrowers and Investors YES 

Constant 0.088*** 

 (6.65) 

Adjusted R2 0.188 

Number of observations 38153 

Notes: This table reports the moderating effect of bids’ relative decision time measured by actual 

bid time on capital allocation with respect to loans’ interest rates and default ratios . The loanrate, 

defaultratio and RDTA are centralized to make the coefficients of the interaction terms meaningful. 

Standard Errors are adjusted for clusters in borrowers and investors. The t statistics in parentheses. 

* p<0.1; ** p<0.05; *** p<0.01. 

 

Table 20 Loans’ Completed Bidding Time and the Effect of RDT Measured by Actual Bid 

Time 

 (1) (2) (3) (4) (5) (6) (7) 

Loans’ Completed 

Bidding Time 
(0,10s] 

(10,30s

] 

(30,60s

] 

(60s,1h

] 
(1h,1d] (1d,3d] (3d, +) 

 Profit Profit Profit Profit Profit Profit Profit 

RDTA 
35.880 219.600

*** 

173.600

*** 

159.100

*** 

99.310*

** 

77.870

*** 

166.400

*** 

 (0.66) (4.10) (2.75) (8.40) (5.56) (3.11) (3.06) 

BidAmountAccuml 

-

182.700

*** 

-

225.700

*** 

-

194.100

*** 

-

153.300

*** 

-

107.000

*** 

-

85.060

*** 

-

157.400

*** 

 (-3.87) (-5.35) (-5.05) (-8.87) (-5.62) (-2.67) (-2.66) 

Investor_Fin 39.970 -22.840 -22.900 -9.204 22.860 14.050 8.987 

 (0.91) (-1.01) (-1.07) (-0.80) (1.56) (0.79) (0.32) 
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Investor_Edu -0.171 7.968 0.190 -2.577 -3.363 -2.577 9.991 

 (-0.01) (0.85) (0.03) (-0.47) (-0.48) (-0.29) (1.10) 

Investor_Asset 
-74.620 -6.337 23.270 45.500*

** 

42.900*

* 

43.780

* 

11.940 

 (-1.41) (-0.26) (1.25) (3.32) (2.31) (1.82) (0.40) 

Investor_Age 
0.466 -1.596 -0.604 1.014 2.013** 3.251*

** 

4.224** 

 (0.15) (-1.55) (-0.84) (1.49) (2.30) (2.59) (1.98) 

Experience 
0.301**

* 

0.040 -0.030 -0.023 0.025 0.050 0.189 

 (3.36) (0.80) (-0.86) (-0.80) (0.47) (0.64) (1.16) 

loanrate 
18.400*

* 

7.667** 16.200*

** 

10.830*

** 

5.246**

* 

3.277*

* 

1.190 

 (2.00) (2.44) (3.74) (6.90) (4.22) (2.00) (0.55) 

loanduration 

-9.815* -1.916* -

3.873**

* 

-

2.719**

* 

-0.254 -0.478 -0.799 

 (-1.67) (-1.67) (-3.55) (-4.96) (-0.41) (-0.53) (-0.67) 

credit 
-2.252 6.258 13.300*

** 

11.230*

** 

7.503**

* 

4.380 5.461 

 (-0.31) (1.48) (4.34) (7.28) (4.83) (1.61) (1.49) 

ln_loanamount 
140.400

*** 

39.460*

** 

50.770*

** 

24.160*

** 

22.850*

** 

25.690

*** 

23.320*

** 

 (2.78) (3.33) (4.34) (8.60) (5.58) (4.90) (3.44) 

Table 20, continued 

 (1) (2) (3) (4) (5) (6) (7) 

Loans’ Completed 

Bidding Time 
(0,10s] 

(10,30s

] 

(30,60s

] 

(60s,1h

] 
(1h,1d] (1d,3d] (3d, +) 

 Profit Profit Profit Profit Profit Profit Profit 

age 

-

7.695*

** 

0.070 

-

2.441*

** 

0.121 

-

0.728*

* 

-0.487 -1.149* 

 (-2.95) (0.07) (-3.71) (0.51) (-2.14) (-1.02) (-1.84) 

ln_jobincome 
34.580

** 
-7.991 

-

14.100

*** 

-1.897 1.246 4.046 -2.174 

 (2.34) (-1.60) (-2.67) (-1.08) (0.42) (1.25) (-0.39) 

edudegree 7.802 
17.340

** 
4.604 

4.905*

* 
-2.255 4.226 -3.906 

 (0.31) (2.23) (0.90) (2.01) (-0.82) (1.17) (-0.78) 

descrip_ZWlng -0.047 -0.136 0.119 -0.009 -0.050* 0.014 0.005 

 (-0.05) (-1.07) (1.03) (-0.23) (-1.75) (0.31) (0.09) 

Borrower Asset YES YES YES YES YES YES YES 

Year YES YES YES YES YES YES YES 
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Robust cluster-

Borrowers and 

Investors 

YES YES YES YES YES YES YES 

Constant 

-

1294.4

00** 

-

301.60

0*** 

-

333.30

0*** 

-

354.90

0*** 

-

301.00

0*** 

-

394.00

0*** 

-

348.00

0*** 

 (-2.21) (-2.78) (-3.53) (-7.89) (-5.35) (-4.67) (-2.79) 

Adjusted R2 0.196 0.126 0.161 0.077 0.065 0.062 0.070 

Number of observations 192 1517 2194 14903 11011 5417 2919 

Notes: This table reports the relationship between profits and the relative decision time measured 

by actual bid time for each bid in different loan completed bidding time groups. Borrowers’ assets 

include the car, carloan, house and houseloan variables. Standard Errors are adjusted for clusters 

in borrowers and investors. The t statistics in parentheses.  * p<0.1; ** p<0.05; *** p<0.01.  

Table 21 Investors’ Profits and RDT with Added Control Variables 

 (1) 

 Investor_Profit 

Investor RDT 312.300*** 

 (5.00) 

Investor_North -6.912 

 (-1.10) 

Investor_Married 0.332 

 (0.04) 

Investor_Companysize 12.070** 

 (2.01) 

Investor_Jobtype 21.020*** 

 (3.45) 

Investor_Jobincome 14.490*** 

 (3.93) 

Investor_Cert -4.189** 

 (-2.25) 

Investor_Gender -0.049 

 (-0.01) 

Previous Control Variables of Investor Level YES 

Robust cluster- Investors YES 

Constant -262.000*** 

  (-3.87) 

Adjusted R2 0.097 

Number of observations 1834 

Notes: This table shows the relationship between investors’ RDT and profits after control new 

variables. Previous Control Variables include Investor_BidAmountAccuml, Port_RiskyShare, 

Port_RiskyKind, Port_Rate, Port_Duration, Port_Jobincome, Port_Edu, Port_descripZW, 

Port_Amount, Investor_Fin, Investor_ Edu, Investor_Asset, Investor_Age, num_bid and year. 
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Standard Errors are adjusted for clusters in investors. The t statistics in parentheses.  * p<0.1; ** 

p<0.05; *** p<0.01. 

 

Table 22 Bids’ Profits and RDT with Added Control Variables 

 (1) 

 Profit 

RDT 228.300*** 

 (6.74) 

Cert 0.220 

 (0.21) 

Gender -6.027 

 (-1.59) 

Jobtype -4.732 

 (-1.21) 

Companysize 10.300** 

 (2.47) 

Married -5.388 

 (-1.46) 

North -1.340 

 (-0.47) 

Investor_North 13.710 

 (1.48) 

Investor_Married -16.250 

 (-1.45) 

Investor_Companysize -3.749 

 (-0.43) 

Investor_Jobtype 7.822 

 (0.78) 

Investor_Jobincome 15.250** 

 (2.32) 

Investor_Cert 1.089 

 (0.46) 

Investor_Gender 12.560 

 (1.07) 

Previous Control Variables of Bid Level YES 

Robust cluster-Borrower and Investors YES 

Constant -452.800*** 

 (-5.07) 

Adjusted R2 0.081 

Number of observations 32434 

Notes: Previous Control Variables of Bid Level include BidAmountAccuml, Experience, loanrate, loanduration, 
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credit, ln_loanamount, age, ln_jobincom, edudegree, descript_ZWlng, Investor_Fin, Investor_Edu, Investor_Asset, 

Investor_Age, car, carloan, house, houseloan and year. * p<0.1; ** p<0.05; *** p<0.01. 

Table 23 The Moderation Effect of Investors’ RDT with Added Control Variables 

 (1) 

 bidamount 

Investor RDT 0.059** 

 (1.97) 

loanrate 0.003*** 

 (3.44) 

loanrate*Investor RDT 0.005 

 (0.51) 

defaultratio -0.020*** 

 (-5.10) 

defaultratio*Investor RDT -0.116* 

 (-1.81) 

Cert -0.001 

 (-1.13) 

Gender 0.005** 

 (2.33) 

Jobtype 0.030*** 

 (8.34) 

Companysize 0.005* 

 (1.80) 

Married -0.012*** 

 (-4.64) 

North -0.002 

 (-0.99) 

Investor_North 0.003 

 (0.78) 

Investor_Married -0.004 

 (-1.20) 

Investor_Companysize 0.005 

 (1.58) 

Investor_Jobtype 0.003 

 (0.61) 

Investor_Jobincome 0.004* 

 (1.86) 

Investor_Cert 0.002** 

 (2.42) 

Investor_Gender 0.002 

 (0.59) 

Previous Control Variables YES 

Robust cluster-Borrowers and Investors YES 

Constant -0.036 

Jo
ur

na
l P

re
-p

ro
of

Journal Pre-proof



 

 (-1.64) 

Adjusted R2 0.150 

 

Table 24 The Moderation Effect of Bids’ RDT with Added Control Variables 

 (1) 

 bidamount 

RDT 0.192*** 

 (7.97) 

loanrate 0.003*** 

 (3.99) 

loanrate* RDT 0.001 

 (0.49) 

defaultratio -0.017*** 

 (-4.41) 

defaultratio* RDT -0.057*** 

 (-5.92) 

Cert -0.0004 

 (-0.88) 

Gender 0.005*** 

 (2.72) 

Jobtype 0.026*** 

 (9.50) 

Companysize 0.003 

 (1.48) 

Married -0.012*** 

 (-5.21) 

North -0.0005 

 (-0.37) 

Investor_North 0.002 

 (0.68) 

Investor_Married -0.004 

 (-1.09) 

Investor_Companysize 0.005 

 (1.59) 

Investor_Jobtype 0.003 

 (0.77) 

Investor_Jobincome 0.003 

 (1.47) 

Investor_Cert 0.001** 

 (2.00) 

Investor_Gender 0.003 

 (0.89) 

Previous Control Variables YES 

Robust cluster-Borrowers and Investors YES 
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Constant 0.048*** 

 (2.64) 

Adjusted R2 0.274 

 

Table 25 Instrumented RDT and Bids’ Profits  

 (1) (2) 

 First Stage Second Stage 

 RDT Profit 

Instrumented RDT  585.292*** 

  (3.34) 

RDT_lag 0.300***  

 (5.27)  

BidAmountAccuml 0.807*** -152.092*** 

 (89.29) (-3.64) 

Experience -0.00001 0.031 

 (-0.67) (0.04) 

loanrate -0.0004 9.386*** 

 (-0.47) (7.52) 

loanduration -0.0001 -2.028*** 

 (-0.24) (-4.94) 

credit -0.001 9.693*** 

 (-0.81) (8.50) 

ln_loanamount -0.192*** 23.575*** 

 (-11.28) (4.58) 

age 0.0001 -0.575*** 

 (0.66) (-2.61) 

ln_jobincome -0.001 1.594 

 (-0.69) (0.98) 

edudegree -0.001 3.841** 

 (-0.43) (1.99) 

descrip_ZWlng -0.00002 -0.030 

 (-0.81) (-1.17) 

Investor Characteristics YES YES 

Borrower Asset YES YES 

Year YES YES 

Robust cluster-Borrowers and Investors YES YES 

Constant 0.366*** -448.728*** 

 (15.49) (-4.96) 

R2 0.785 0.143 

Number of observations 35760 35760 

Notes: This table reports the 2SLS results of the relationship between RDT and profits for each 

bid. Investor Characteristics includes Investor_Fin, Investor_Edu, Investor_Asset, and 

Investor_Age; and borrowers’ asset include car, carloan, house and houseloan. Standard Errors are 
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adjusted for clusters in borrowers and investors. The T statistics in parentheses of column (1) and 

Z statistics in parentheses of column (2). * p<0.1; ** p<0.05; *** p<0.01.  

Table 26 Instrumented RDT and Capital Allocation 

 (1) (2) (3) (4) 

 First Stage Second Stage 

 
RDT 

RDT* 

loanrate 

RDT* 

defaultratio 
bidamount 

RDT_lag -0.038 -1.879*** -0.012***  

 (-1.28) (-3.11) (-3.06)  

RDT_lag*loanrate 0.005** 0.169*** 0.0003  

 (-1.98) (3.37) (0.97)  

RDT_lag*defaultratio -0.034* -0.494 0.107***  

 (-1.72) (-1.62) (8.05)  

Instrumented RDT    0.483*** 

    (2.78) 

Instrumented RDT*loanrate    -0.010 

    (-0.83) 

Instrumented RDT* 

defaultratio 
   -0.145* 

    (-1.76) 

loanrate -0.0005 0.019 -0.0003** 0.003*** 

 (-0.47) (1.12) (-2.27) (4.5) 

defaultratio -0.012 -0.252** -0.005 -0.021*** 

 (-1.44) (-2.21) (-0.91) (-4.77) 

BidAmountAccuml 0.809*** 11.085*** 0.075*** -0.290*** 

 (90.78) (66.38) (19.83) (-3.17) 

Experience -0.00001 0.0001 -0.00001 0.00003 

 (-0.29) (0.22) (-1.49) (1.52) 

Investor Characteristics YES YES YES YES 

Year YES YES YES YES 

Robust cluster-Borrowers and Investors YES YES YES YES 

Constant 
-

0.339*** 
-4.589*** -0.032*** 0.166*** 

 (-21.66) (-20.89) (-10.77) (3.97) 

 R2 0.777 0.204 0.750 0.285 

Number of observations 35760 35760 35760 35760 

Notes: This table reports the estimation results of the relationship between RDT and capital 

allocation for each bid. Investor Characteristics includes Investor_Fin, Investor_Edu, 

Investor_Asset, and Investor_Age. Standard Errors are adjusted for clusters in borrowers and 

investors. Standard Errors are adjusted for clusters in borrowers and investors. The T statistics in 

parentheses of column (1) -(3) and Z statistics in parentheses of column (4). * p<0.1; ** p<0.05; 

*** p<0.01. 
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Appendix 

Table A.1 Definition of Added Control Variables 

Variable Name Variable Definition 

Gender 
An indicator variable that equals one if the borrower is male and equals zero 

if the borrower is female. 

Jobtype 
An indicator variable that equals one if the borrower is employed and it is 

zero otherwise. 

Companysize 
An indicator variable that equals one if the borrower’s company has more 

than 100 workers and it is zero otherwise. 

Married 
An indicator variable that equals one if the borrower married and it is zero 

otherwise. 

North 
An indicator variable that equals one if the borrower lives in the north of 

China and it is zero otherwise. 

Cert The quantity of the borrower’s information certification. 

Investor_Gend

er 

An indicator variable that equals one if the investor is male and equals zero if 

the borrower is female. 

Investor_Jobty

pe 

An indicator variable that equals one if the investor is employed and it is zero 

otherwise. 

Investor_Com

panysize 

An indicator variable that equals one if the investor’s company has more than 

100 workers and it is zero otherwise. 

Investor_Marri

ed 

An indicator variable that equals one if the investor married and it is zero 

otherwise. 

Investor_North 
An indicator variable that equals one if the investor lives in the north of China 

and it is zero otherwise. 

Investor_Cert The quantity of the investor’s information certification. 

Investor_Jobin

come 
The natural logarithm of the investor's job income.  
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Highlights 
 Investors’ profits increase as relative decision-making time increases. 

 Investors without enough time only focus on loans’ rates and cannot analyse loans’ default 

risks to reduce the allocation of funds for high-risk loans. 

 When the completion time of loan funded is more than 10 seconds, the improvement of profits 

can be observed with the increase of relative decision time. 
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